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Abstract

This book presents survey results on priority ranking of watershed management
criteria. This survey was completed by 30 undergraduate and postgraduate students
from Faculty of Civil Engineering, Universiti Teknologi Malaysia. The students
were registered in various programs run by the Faculty in Semester 1, 2012. The
applications of three weighting methods namely rating, ranking, and ratio are
discussed in the book. We have also done data mining on some keywords using
three popular scholar databases. These databases include sciencedirect, scopus, and
sciverse. Four abbreviated keywords (MCDM, MCDA, MCA, MADM) used to
represent multi-criteria decision-making were used and these three databases were
searched for different popular weighting methods for a period of 13 years
(2000-2012). The findings of data mining are presented in this book. Overall, this
book presents a review of weighting methods applied in various multi-criteria
decision-making (MCDM) methods.

Keywords Weighting methods - MCDM - Multi-criteria decision-making -
Ranking - Water resources
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Chapter 1
Introduction

1.1 Introduction

For last more than 20 years, multi-criteria decision making (MCDM) models have
been applied to the field of natural resources management. In literature, eight areas
of application of MCDM models are identified in water resources management:
catchment management; ground water management; infrastructure selection; project
appraisal; water allocation; water policy and the planning of supply; water quality
management; and marine protected area management. MCDM models can provide
solutions for complex water decision-making problems. In majority MCDM
models, assigning weights to the evaluation criteria is an important step. For that,
various weighting methods have been proposed in literature and applied for solving
different MCDM problems. These weighting methods are classified in different
ways: algebraic or statistical, decomposed or holistic, direct or indirect, and com-
pensatory or non-compensatory. Compensatory weighting methods are used in
Multi Attribute Utility (MAU) methods and non-compensatory weighting methods
are used mainly in outranking methods (e.g. ELECTRE and PROMETHEE). Point
allocation, ranking methods, rating methods, pairwise comparison, and trade-off
analysis are some popular weighting methods. Each weighting method, however,
differs in terms of accuracy, ease of use, complexity for users, and theoretical
foundations and produce different sets of criteria weights. The decision for selection
of a proper weighting method is a crucial step in solving a multi-criteria decision
problem. Many researchers have dismissed the difficulty in measuring and meaning
the criteria weights and assumes that the meaning of criteria importance is well
understood by all decision makers. However, true meaning and the validity of
criteria weights obtained by using different weighting procedures are important for
avoiding any misuse of the MCDM models and getting reliable model results.
The main objective of the project is to evaluate different weighting methods
based on their subjective and objective inputs and their influence on the model
results. For that, we have hypothesized a watershed for which management plan is
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need to be developed. A priority ranking of environmental and socio-economic
criteria are intend to be developed from the survey participants’ preferences on
various watershed management criteria and weights for criteria are elicited for
further usage in MCDM models. In this study, a questionnaire was designed and
administered to the undergraduate and postgraduate students of Faculty of Civil
Engineering, Universiti Teknologi Malaysia. In the survey, the participants were
asked to answer the question “Rank the decision criteria according to their
importance (most important to least important) for a watershed management
problem”. The participants were asked to show their preferences by using three
different weighting methods i.e. ranking, rating, and ratio weighting methods.

1.2 Problem Background

Multi-criteria decision making (MCDM) models have been applied to decisions on the
management of natural resources over the last 20 years or so (Hajkowicz and Higgins
2008). As for water resources management, Hajkowicz and Collins (2007) identified
eight areas of application: catchment management; ground water management; infra-
structure selection; project appraisal; water allocation; water policy and the planning of
supply; water quality management; and marine protected area management. Multi-
criteria decision making models provide solutions for complex water decision-making
problems (Goncalves and Pereira 2009; Silva et al. 2010). MCDM models are used to
evaluate a finite set of alternatives with respect to multiple criteria. Alternatives are first
evaluated with respect to each of the criteria to obtain criterion priority scores which are
then aggregated into overall preference values (Choo et al. 1999). These scores and
overall preference values may be in ordinal, interval or ratio scales. Many different
methods have been proposed for assessing criteria weights which are then used to
aggregate criterion priority scores. Thus, the true meaning and the validity of these
criteria weights are important for avoiding misuse of the MCDM models. Unfortu-
nately, criteria weights are often misunderstood and misused (Zhang and Wang 1992).

There are various methods to determine criteria weights, which can be classified
in different ways: algebraic or statistical, decomposed or holistic, direct or indirect,
and compensatory or non-compensatory. Direct methods require the respondents to
compare two criteria in terms of ratio judgments and indirect procedures ask them
to express preference judgments to derive criteria weights. Compensatory weight-
ing techniques are used in Multi Attribute Utility (MAU) methods, while non-
compensatory ones are used mainly in outranking methods (e.g. ELECTRE and
PROMETHEE). Popular weighting methods include point allocation, ranking
methods, rating methods, pairwise comparison, and trade-off analysis. Each
weighting method differs in terms of accuracy, ease of use, complexity for users,
and theoretical foundations and produce different sets of criteria weights. Weighting
methods are either oversimplified, lacking any theoretical foundation (Hokkanen
and Salminen 1997). The decision for selection of a proper weighting method
is important in solving a particular multi-criteria decision making problem.
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Many researchers, however, have dismissed the difficulty in measuring and
meaning the criteria weights and assumes that the meaning of criteria importance is
transparent and well understood by all decision makers (Choo et al. 1999).

In this study, we are providing a thorough discussion on advantages and dis-
advantages of some popular weighting methods. Issues like subjectivity and misuse
of MCDM models in previous studies are also discussed in detail. Different non-
compensatory weighting methods (i.e. direct point allocation, spontaneous ranking,
and ratio methods) for eliciting criteria weights from decision makers and stake-
holders are applied in a survey questionnaire in which a hypothetical watershed
management problem was presented to the survey participants. The participants of
the survey were asked to answer the question “Rank the decision criteria that are
assumed to be important for managing any watershed”. The participants arranged
the watershed management criteria in order of their priority (most important to least
important). After they listed them, they assigned weights to all criteria starting with
a weight of 100 % for the most important criterion (Rank 1). Based on different
effects of weighting methods on final results of a MCDM model and influence of
subjectivity on model outcomes can be evaluated in future studies and a decision
framework can be developed to assist decision makers in selecting most suitable
weighting method for solving a watershed management problem.

1.3 Problem Statement

There are various methods to determine criteria weights, which can be classified in
different ways: algebraic or statistical, decomposed or holistic, direct or indirect,
and compensatory or non-compensatory. Direct methods require the respondents to
compare two criteria in terms of ratio judgments and indirect procedures ask them
to express preference judgments to derive criteria weights. Compensatory weight-
ing techniques are used in Multi Attribute Utility (MAU) methods, while non-
compensatory ones are used mainly in outranking methods (e.g. ELECTRE and
PROMETHEE). Popular weighting methods include point allocation, ranking
methods, rating methods, pairwise comparison, and trade-off analysis. Each
weighting method differs in terms of accuracy, ease of use, complexity for users,
and theoretical foundations and produce different sets of criteria weights. Weighting
methods are either oversimplified, lacking any theoretical foundation (Hokkanen
and Salminen 1997). The decision for selection of a proper weighting method is
important in solving a particular multi-criteria decision making problem. Many
researchers, however, have dismissed the difficulty in measuring and meaning the
criteria weights and assumes that the meaning of criteria importance is transparent
and well understood by all decision makers (Choo et al. 1999).

In this study, we have summarized all above issues related to the weighting
methods and have illustrated how the selection of weighting method for a particular
multi-criteria problem is important and how the final results of multi-criteria
decision models were dependent on the use of different weighting method.
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1.4 Objectives of the Study

The main objective of the study was to critically examine the properties of some
popular weighting methods which are being currently used to establish relative
importance of criteria/attributes in multi-criteria decision making (MCDM) meth-
ods to aid decision-makers in solving real-world problems. The specific objectives
of the study are as follows:

e To investigate how different weighting methods affects the quality of decisions
based on multi-criteria decision making models

e To develop a priority ranking of weighting methods based on their easiness,
accuracy, and strong theoretical foundation

e To investigate how (and to what degree) the subjective weights affect the out-
comes of the multi-criteria decision making models.

1.5 Scope of the Study

The study focuses on the weighting methods which have been frequently used to
know the importance of multiple criteria in multi-criteria decision making methods.
In this study, our more focus was on those weighting methods which were used in
solving multi-criteria decision problems related to water resources and hydrology.
The data was extracted from three popular online databases (sciencedirect, sciverse,
and scopus) for a period of only 13 years (i.e. 2000-2012). A survey on three
weighting methods (rating, ranking, and point allocation) was completed from
small groups of undergraduate and postgraduate students registered at Faculty of
Civil Engineering, Universiti Teknologi Malaysia, Skudai campus.

1.6 Significance of the Study

Literature on weighting methods is very rich. However, summarizing them
according to their effects on final model outputs is missing in the literature. We have
attempted to quantify these effects through this study. The findings of the study
could assist decision makers to select the best weighting method for their studies
according to human resources, funds, and time availability factors. We emphasize
that the weighting methods applied in solving multi-criteria problems in water
resources and hydrology were only listed in this study. Weighting methods used in
solving problems outside of water resources and hydrology are excluded from this
study.
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1.7 Chapter Summary

This chapter presents an overview of this study. It includes a brief introduction,
background of the study, the problem statement, the study objectives, the scope of
the study and its significance.

1.8 Report Organization

This report is organized into four chapters. This chapter presents an introduction
and the background of the study, which is followed by the problem statement, scope
of the study and the significance of the study. Chapter 2 is limited to literature
review on weighting methods applied in multi-criteria decision making methods.
A brief introduction of multi-criteria decision making methods is also provided in
this chapter. Chapter 3 mostly discusses the methodological part of the study. Here
we have given the procedure for extracting data using three main online databases.
A framework of the applied methodology is also presented in this chapter. Results
of data analysis and interpretation of data mining and survey results are also given
in this chapter. Chapter 4 covers conclusions and main findings of the study.
Recommendations for future work are also given in this chapter.


http://dx.doi.org/10.1007/978-3-319-12586-2_2
http://dx.doi.org/10.1007/978-3-319-12586-2_3
http://dx.doi.org/10.1007/978-3-319-12586-2_4

Chapter 2
Literature Review

2.1 Introduction

This chapter is divided into two main parts. The first part of the chapter consists of
literature review on different types of multi-criteria decision making (MCDM)
methods. Literature review on the application of MCDM methods in different fields
is also provided in the first part of the chapter. The second part of the chapter
presents literature review on weighting methods and different types of weighting
methods. We have also summarized advantages and disadvantages of various
weighting methods in this part of the chapter. The criteria used to select popular
weighting method for a particular water resource or hydrology study are also dis-
cussed in the second part of the chapter. A brief review report on various appli-
cations of the weighting methods in different MCDM methods is also given in this
part of the chapter.

2.2 Decision-Making Process

In most of the cases, decision-making process takes the steps shown in Fig. 2.1. In
the first step, problem in hand is clearly defined. Some other important requirements
are then listed on which the solution of multi-criteria model was dependent. In the
third step, objectives or goals of the multi-criteria problem are established. Fourth
step of the decision-making process deals with the establishment of alternatives
which are going to be considered in a decision-making process with objective to
choose the best alternative. In Step 5 of the decision process, evaluation criteria are
decided. The criteria should satisfy some previously fixed standards. For example,
the chosen criterion may change its value in space and time. The sixth step of the
process is very important as it involves the selection of an appropriate multi-criteria
decision making method for solving the problem in hand. Later the chosen MCDM
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Fig. 2.1 Decision making

process STEP 1
Define problem

STEP 5
Deciding evaluation criteria
based on the study
objectives or goals

( STEP )
Important requirements STEP 6
to the solution of Deciding multi-criteria
the problem decision making method
- )
STEP 3 STEP 7
Establishing objectives or Application of chosen
goals of the study MCDM to the preferred
alternatives
~ STEP 4 )
Identification of the
alternatives from which
f STEP 8
the best is chosen Checkinglinelnade]

results and performing
sensitivity analysis test

method is applied to the list of alternatives which was finalized in Step 4 of the
decision process. Final step of the decision-making process is checking the results
of the model and performing sensitivity analysis test.

It is important to say that the decision-making process normally flows from top
to bottom, but it may return to any of the previous steps if new information was
later found.

Yoe (2002) describes the multi-criteria decision making process as:

—_

. Define multi-criteria problem and objectives explicitly.

. List and describe alternatives for meeting objectives or goals.

. Define criteria/attributes/performance indicators to measure performance of
alternatives.

. Carry out studies to gather data and evaluate criteria.

. Prepare a decision matrix by arranging alternatives against criteria.

. Elicit criteria subjective or objective weights for criteria.

. Rank alternatives and communicate results with interest groups.

. Decision-makers make decisions with input of interest group and get MCDM
results.

W N

0NN B

These steps are shown in Fig. 2.2.
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Fig. 2.2 The iterative steps
of MCDM (after Yoe 2002)

Decision Matrix

=

International Society on Multiple Criteria Decision Making defines MCDM as “The
study of methods and procedures by which multiple and conflicting criteria can be
incorporated into the decision process.” The development of multi-criteria decision-
making began in 1971. The main objective of MCDM is to provide decision-
makers with a tool in order to enable them to advance in solving a multi-criteria
decision problem, where several conflicting criteria are taken into account.

Roy (1996) defines a multi-criteria decision problem as being a situation in
which, having defined a set A of actions and a family F of criteria, the decision
maker wishes: to determine a subset of actions considered to be the best with
respect to F (choice problem); to divide A into subsets according to some norms
(sorting problem); to rank the actions of A from the best to worst (ranking prob-
lem); to describe actions and their consequences in a formalized and systematic
manner, so that decision-makers can evaluate those actions (description of issue)
(Schramm and Morais 2012).

In literature, many terms have been used for MCDM and these terms are given
as below:

Alternatives

Decision Criteria

2.3 Multi-Criteria Decision-Making

Multi-Criteria Decision Analysis (MCDA)
Multi-Objective Decision Making (MODM)
Multi-Attributes Decision Making (MADM)
Multi-Dimensions Decision-Making (MDDM)
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2.4 Classification of Multi-Criteria Decision-Making
Methods

Literature is rich with different types of multi-criteria decision-making methods.
Following is the list of some popular MCDM methods which have been frequently
used by researchers to solve some real-world multiple criteria problems:

e AHP: Analytic Hierarchy Process

e ANP: Analytic Network Process

e ELECTRE: Elimination Et Choix Traduisant la Realite (French)—(Elimination
and Choice Translating Reality) (English)

e GP: Goal Programming

e MACBETH: Measuring Attractiveness by a Categorical Based Evaluation
Technique

e MAUT: Multi-Attribute Utility Theory

e MAVT: Multi-Attribute Value Theory
PROMETHEE: Preference Ranking Organization Method for Enrichment
Evaluation

e TOPSIS: Technique for Order Preference by Similarity to Ideal Solution

e WSM: Weighted Sum Model

The specialists have divided multi-criteria decision-making methods into three
categories, whose purpose is to bring the MCDM methods together according to
some similarities, namely: (i) multiple attribute theory; (ii) outranking methods; (iii)
interactive methods. Roy (1996) classifies them as follows: (i) unique synthesis
criterion approach, eliminating any incomparability; (ii) outranking synthesis
approach, accepting incomparability; (iii) interactive local judgment approach, with
trial-error interaction (Schramm and Morais 2012).

¢ Unique synthesis criterion approach: It consists of aggregating the different
points-of-view into a unique function which will be optimized. For example,
MAUT (Multi-Attribute Utility Theory; Keeney and Raiffa 1976), SMART
(Simple Multi-Attribute Rating Technique) family (Edwards 1977; Edwards and
Barron 1994) and AHP (Analytic Hierarchy Process) (Saaty 1987).

¢ Outranking synthesis approach: It consists in the development of a relation-
ship called an outranking relationship, which represents the decision-maker’s
preferences, the relationship being explored in order to help the decision-maker
solve his/her problems. Examples: ELECTRE (Elimination and Choice Trans-
lating Algorithm) (Belton and Stewart 2002; Roy 1996; Vincke 1992) and
PROMETHEE (Preference Ranking Organization Method for Enrichment
Evaluation) (Brans and Vincke 1985).

e Interactive local judgment approach: This proposes methods which alternate
calculation steps, giving successive compromising solutions, and dialog steps, leading
to an extra source of information on the decision-maker’s preferences (Vincke 1992).

Classification of MCDM methods is shown in Fig. 2.3.
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Muilti-criteria Decision-Making
Methods

T

v'Dominance ¥'Multi-attribute value theory (MAVT) v'ELECTRE |, IS
¥’ Maximin ¥'Multi-attribute utility theory (MAUT) v'ELECTRE Il
v’ Maximaxi v Utility theory additive v ELECTRE Il IV,
v Lexicographic v AHP (analytical hierarchy process) TRI
v Conjunctive v'SMART (simple multi-attribute rating v PROMETHEE |
v Disjunctive technigue) v'PROMETHEE I
v Elimination by aspects ¥'TOPSIS (Technique for order by v OBESTRE
v Linear assignment similarity to ideal solution)
v Additive weighting v Fuzzy weighted system
¥'Weighted product v Fuzzy maximum

¥ Grey relational analysis

v Data envelopment analysis

Fig. 2.3 Classification of MCDM methods

2.5 Characteristics of Different Multi-Criteria Methods

Not all MCDM methods are recommended for solving any multi-criteria decision
problem. Some MCDM methods can only take quantitative data to process with
evaluation phase of the decision-making and some can work with both types of data
(quantitative and qualitative). There are also some other characteristics of multi-
criteria decision-making methods, e.g. transparency and cost (Table 2.1).

The type of available information will largely determine which MCDM method
could be used for a particular multi-criteria problem. Most quantitative methods
produce performance scores as well as a ranking. In addition to a ranking, weighted
performance scores provide information on the relative performance of the alter-
natives. Comprehensiveness is achieved if all the information is presented to
decision-makers, while presenting a final ranking, or even only one best alternative,
results in maximum simplicity and possibly an oversimplification.

Graphic or other presentations of the information take an intermediate position.
Although a complete ranking provides maximum simplicity, in aggregating all
information into a final ranking, priorities need to be included and a decision rule
needs to be selected (RPA 2004).

Transparency is low across a number of the methods, suggesting that such
methods should not be used if many stakeholders are involved in or concerned with
decision-making. Computation is complex in some of the methods. Since software
is generally available to support the use of the methods, this is in itself not an
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Table 2.1 Characteristics of different multi-criteria methods (after RPA 2004)

MCDM Information Result Transparency Computation Costs
method
Weighted Quantitative Performance High Simple Low
summation scores/

ranking
Ideal point Quantitative Distance to Medium Simple Low
method target/

ranking
Evaluation Qualitative, Visual High Simple Low
by graphics quantitative presentation

and mixed

Outranking Quantitative Ranking/ Low Very Medium
methods incomplete complex

ranking
Analytical Qualitative Performance Low Complex Medium
hierarchy scores/
process ranking
(AHP)
Regime Qualitative, Ranking/ Low Very Low
method quantitative probability complex

and mixed

Permutation Qualitative Ranking Low Very Medium
method complex
Evamix Mixed Ranking Low Simple Low
method

important issue. The costs of adopting methods based on the use of value/utility
functions are likely to be higher than those associated with the use of AHP and
outranking methods. These additional costs result from the involvement of an
expert in the assessment procedure (RPA 2004).

2.6 Strengths and Weaknesses of MCDM Methods

Multi-criteria decision-making methods have been criticized by many researchers
for their property of being prone to manipulation which may lead to a false sense of
accuracy. One the other hand, supporters of the MCDM approach claim that
MCDM provides a systematic, transparent approach that enhances objectivity and
generates results which can be trusted with a reasonable satisfaction (Janssen 2001;
Macharis et al. 2004). The main elements of criticism to MCDM approach were
summarized by Mutikanga (2012) and given as follows:
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1.

Aggregation algorithms: Different MCDM methods yield different outcomes
when applied to the same multi-criteria problem. The selection of an appropriate
MCDM method from a long list of MCDM methods is often not straight forward
and may possibly control the final outcome of the decision-making process.

Compensatory methods: Complete aggregation methods of the additive type
(e.g. AHP) allow for trade-offs between good performance on one criterion and
poor performance on some other criterion. Often important information is lost
by such aggregation (e.g. in PROMETHEE II complete ranking). For example,
poor performance on water quality could be compensated with good perfor-
mance on investment cost. The underlying value judgments of the aggregation
procedure are therefore debatable and probably not acceptable from the public
health and regulatory point of view. A multi-criteria problem is mathematically
ill-defined since an action a may be better than an action b according to one
criterion and worse according to another. This is because complete axiomat-
ization of multi-criteria decision theory is very difficult (Munda et al. 1994).

. Elicitation process: The way subjective information (weights and preference

thresholds) is elicited is not trivial and is likely to influence the results.

. Incomparable options: As the purpose of all MCDM is to reduce the number of

incomparability, MCDM problems are often reduced to single-criterion prob-
lems for which an optimal solution exists completely changing the structure of
the decision problem which is not realistic. In addition alternatives are often
reduced to a single abstract value during data aggregation resulting in loss of
useful information. To a lay person it may be easy to understand the cost of an
alternative in monetary values rather than an abstract value indicating that
option A is better or worse than option B by a value of say 0.45.

. Scaling effects: Some MCDM methods derive conclusions based on scales in

which evaluations are expressed which is unacceptable. For example if two
strategy options (A and B) with the same weight (0.5) have different costs
(A = 10,000, B = 18,000) and their impact on water quality improvement is
(A = 0.2, B = 0.8), their overall performance would be (A = 5000.1 and
B = 9000.4). If costing were scaled back to a 0-1 scale, then the relative
importance of the two criteria would be better represented.

Problem structuring: Results could be manipulated by omission or addition of
some relevant criteria or options. MCDM methods have been reported to suffer
from rank reversals by introduction of new options (De Keyser and Peeters
1996; Dyer 1990).

Additional required information: Depending on how much additional infor-
mation is required by the different MCDM methods, “black box” effects are
likely to occur thus compromising the ability of the decision-maker to clearly
follow the decision process and evaluate the results.

. Uncertainty: The results are often provided to two decimal places which give a

false sense of accuracy considering the uncertainties in the input data used and
their error propagation in the model. Uncertainty is also inherent in the decision-
making process in that it is difficult to quantify and represent performance of
most options by a single value.
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RPA (2004) divides multi-criteria decision-making methods into different cate-
gories and gives brief description of each MCDM method and discusses some key
issues associated to some MCDM methods (see Table 2.2).

Based on different types of information (e.g. information on criteria, information
alternative), Hwang and Yoon (1981) have categorized different MCDM methods
(see Fig. 2.4).

Hajkowicz et al. (2000) present classification of input data (i.e. quantitative,
qualitative, and mixed) (Fig. 2.5).

2.7 How to Select an Appropriate MCDM Method

Abrishamchi et al. (2005) state that selecting an appropriate MCDM from a long list
of available MCDM methods is a multi-criteria problem itself. There is no single
MCDM method which can be superior method for all decision-making problems.
Different researchers have different views on this issue. Guitouni and Martel (1998)
argue that different MCDM methods will yield different recommendations while
Hajkowicz and Higgins (2008) argue that the ranking of decision alternatives is
unlikely to change noticeably by using a different MCDM method provided ordinal
and cardinal data are handled correctly. However, Guitouni and Martel (1998) have
developed some guidelines which can still be helpful in selecting an appropriate
MCDM method. A recent review of MCDM for water resource planning and
management has shown that MCDM is mostly used for water policy evaluation,
strategic planning and infrastructure selection (Hajkowicz and Collins 2007).

2.8 The Role of Weights and Their Interpretation
in MCDM Methods

Many MCDM methods (e.g. ELECTRE I, II; PROMETHEE) use criteria weights
in their aggregation process. These weights to criteria play an important role for
measuring overall preferences of alternatives. Because of having different aggre-
gation rules, MCDM methods use these weights in different ways. For that, different
weighting methods have been developed to use them in different MCDM methods.
It is very importance that the decision-maker (DM) understands the true meaning of
these weights. Choo et al. (1999) suggested that the questions posed to decision-
maker in the weight elicitation process must convey the correct meaning of criteria
weights. The questions posed to the decision-maker should be direct and simple but
not compromising the underlying theoretical validity (Choo et al. 1999). In MCDM
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Order of pairwise Multidimensional
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Fig. 2.4 Grouping of multiple criteria decision making methods (after Hwang and Yoon 1981)

literature, the criteria weights wy, ..., w,, have been given a diverse array of plau-
sible interpretations associated with the following (Choo et al. 1999):

1. marginal contribution per unit of z,(x) or r(x),
2. indifference trade-offs or rates of substitution,
3. gradient of the overall value function U(Z(x)) or UR(X)),
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MODS -Linear Programming
Methods -Aspiration-Reservation Based Decision Support

-Goal Programming

-Methods for standardizing data into common units.
Methods used to " ) .
transform data -Expected value methpd for ordmgl to cardmgl conversion.
-Naive method for ordinal to cardinal conversion

< Disc@—

-Fixed point scoring
-Graphical methods
-Analytic hierarchy process
-Judgment analysis
-Trade-off method

Quantitative

Methods used to
weight criteria

-Ranking
-Rating

Qualitative

Methods used

to rank
alternatives

Qualitative Quantitative m

-Concordance analysis -Evamix

-Lexicographic ordering ~Multi-Attribute utiity theory ~Cardinalization of evaluation

-Linear assignment -Discordance analysis matrix

-Frequency method ~Weighted summation -Analyic hierarchy process
-ldeal point y ye

-Compromise programming
-Regime method
-Permutation method
-ELECTRE (Elimination and
choice translating reality)

Fig. 2.5 Classification of MCDM methods (after Hajkowicz et al. 2000)

scaling factors converting into commensurate overall value,
U(Z(x)) e = (Z wizk(x)) e or UR(X)) 6 = X wiri(x) e is linear,
relative contribution of the average criterion specific scores,
discriminating power of the criteria on the alternatives,

relative contribution of swing from worse to best on each criterion,
vote values in binary choices,

10. relative contribution of the criteria at the optimal alternative,

11. parameters used in interactive optimization,

12. relative information content carried in the criteria,

13. relative functional importance of the criteria.

LN s

Table 2.3 presents summary of the interpretations of criteria weights in MCDM
methods.
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2.9 Classification of Weighting Methods

In literature, different weighting methods have been proposed to assign weights to
the criteria (Poyhonen and Hamaéldinen 2001; Stewart 1992). The simplest way to
assign weights to criteria is ‘equal weights method’ that distributes weights equally
among all the criteria. The ‘Equal weights method’ has been applied in many
decision-making problems (Wang et al. 2009).

Weights assigned to criteria in multi-criteria evaluation method is an important
step as final results of the multi-criteria decision-making method largely depend on
such weights. Tervonen et al. (2009) state that assigning weights to criteria in a
MCDM approach is the most difficult task. The main purpose of a weighting
method is to attach cardinal or ordinal values to different criteria to indicate their
relative importance in a multi-criteria decision-making method. These values are
then used by the MCDM method in subsequent evaluation of the alternatives.
A classification of weighting methods based on internal and external types of
weighting methods is shown in Fig. 2.6.

Wang et al. (2009), classifies the rank-order method into three categories: sub-
jective weighting method, objective weighting method and combination weighting
method. The subjective methods determine criteria weights based on the prefer-
ences of the decision-makers. They explain the elicitation process more clearly and
are the most used for MCDM in water resources management. They include
SMART, AHP, SIMOS and the Delphi method. The objective weights are obtained
by mathematical methods based on the analysis of initial data. The objective weight
procedure is not very clear and includes methods such as least mean square (LMS),
minmax deviation, entropy, TOPSIS and multi-objective optimization. The com-
bination or optimal weighting methods are a hybrid of methods that include mul-
tiplication and additive synthesis.

There are also other weighting methods for assigning differential weights to
decision criteria. These weighting methods can be divided into two categories:
‘objective weighting methods’ and ‘subjective weighting methods.” In ‘objective
weighting methods,” weights are obtained by mathematical methods and decision-
makers have no role in determining the relative importance of criteria (Wang et al.
2009). In the use of ‘subjective weighting methods,” the process of assigning
importance to criteria depends on the preferences of decision-makers, and has been
more commonly used in different studies (e.g. Zardari 2008). On the basis of
objective, subjective, and combined properties, classification of weighting methods
is shown in Fig. 2.7.

2.9.1 Subjective Weighting Methods

In the subjective weighting methods, criteria weights are derived from the decision-
maker’s judgment on criteria. This means that the subjective methods are to
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determine weights solely according to the preferences of decision makers. Criteria
weights determined by the subjective weighting methods reflect the subjective
judgment of the decision-maker, but analytical results or rankings of alternatives
based on the weights can be influenced by the decision maker due to his/her level of
knowledge and experience in the relevant field (Ahn 2011).

2.9.2 Objective Weighting Methods

In the objective weighting methods, preferences of decision maker on multiple
criteria are not involved and the criteria weights are obtained from mathematical
algorithms or models. The objective methods determine criteria weights by solving
mathematical models automatically without any consideration of the decision
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| [ [
v Ranking weighting ¥ Entropy method ¥ Multiplication synthesis
¥ Direct weighting method ¥ Vertical and horizontal method ¥ Additive synthesis
¥ Allocation of points ¥ TOPSIS ¥ Optimal weighting based on sum of
¥ Simple multi-attribute rating ¥ Variation coefficient squares
technigue (SMART) ¥ Multi-objective optimization ¥ Optimal weighting based on min. bias
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¥ DelphiMethod
¥ PATTERN Method
¥ Consistent matrix analysis

Fig. 2.7 Classification of weighting methods

maker’s preferences. Objective weighting methods determine criteria weights by
making use of the mathematical models, but they neglect the subjective judgment
information of the decision maker (Aalianvari et al. 2012).

2.10 Popular Subjective Weighting Methods

The most popular weighting methods that have been used in previous multi-criteria
decision-making studies are listed as below:

Direct Rating
Ranking Method
Point Allocation

Ratio Method
Swing Method

Delphi Method

XA E D=

._.
e

SIMOS Method

Pairwise Comparison

Graphical Weighting

Simple multi-attribute ranking technique (SMART)
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Table 2.4 Example of —

weighting using a rating scale Criterion Importance (1 = least, 7 = most)
C, 1 2 3 4 5 6 7
C, 1 2 3 4 5 6 7
C; 1 2 3 4 5 6 7

2.10.1 Direct Rating Method

The rating technique obtains a score from a decision maker to represent the
importance of each criterion. It is similar to scales used on a Likert-scale ques-
tionnaire. Often the numbers 1-5, 1-7 or 1-10 are used to indicate importance
(Nijkamp et al. 1990). The rating method does not constrain the decision maker’s
responses as the fixed point scoring method does. It is possible to alter the
importance of one criterion without adjusting the weight of another. This represents
an important difference between the two approaches.

An example of a survey task designed to elicit weights using the rating technique
could ask a decision maker to show the importance of each criterion on an ordinal
scale as shown in Table 2.4.

2.10.2 Ranking Method

The ranking method is the simplest approach for assigning weights to criteria.
Essentially, the criteria are ranked in order from most important to least important.
Once this is done, there are three main methods to calculate weights. They include:

1. rank sum,
2. rank reciprocal and
3. the rank exponent method (Malczewski 1999).

In rank sum, the rank position 1; is weighted and then normalized by the sum of
all weights.

Rank reciprocal weights are derived from the normalized reciprocals of a cri-
terions rank. The rank exponent method requires the decision maker to specify the
weight of the most important criterion on a 0-1 scale. The value is then used in a
numerical formula. To better understand how weights are calculated, the Table 2.5
is provided. It is based on the example given by Malczewski (1999). Again r; is the
rank of the criterion and n is the number of criteria.

These three ranking methods are very attractive due to their simplicity. They also
provide a satisfactory approach to weight assessment. As a starting point in deriving
weights, the three ranking methods provide a way to simplify multi-criteria anal-
ysis. However, they are limited by the number of criteria to be ranked. This method
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Table 2.5 Ranking methods to assign weights (after Malczewski 1999)

Rank sum Rank reciprocal Rank exponent
Weight Normalized Weight ‘ Normalized Weight Normalized
Criterion Straight m—1+1) (1/r) -1+ 1)Pp=2
rank
Agr. 4 2 0.133 0.250 0.109 4 0.073
Forests 2 4 0.267 0.500 0.219 16 0.291
Urban 5 1 0.067 0.200 0.088 1 0.018
Wetlands 1 5 0.333 1.000 0.438 25 0.454
Water 3 3 0.200 0.333 0.146 9 0.164
15 1.000 2.283 1.000 55 1.000
Straight 1 = most important criterion
rank is first 5 = least important of the five criterion

is really not appropriate for a large number of criteria since it becomes very difficult
to straight rank as a first step. Another problem is in the lack of any real theoretical
foundation. These techniques should be considered weight approximation tech-
niques only (Malczewski 1999).

2.10.3 Point Allocation

In point allocation weighting method, the decision maker allocates numbers to
describe the criteria weights directly. The decision maker is asked, for example, to
divide 100 points among the criteria. In many experiments, the analysts do not fix
the total number of points to be divided but the subjects are asked to give any
numbers they liked to reflect the weights. The more points a criterion receives, the
greater its relative importance. The total of all criterion weights must sum to 100.
This method is easy to normalize. This is very easy weighting method. However,
the weights obtained from the use of point allocation method are not very precise.
This method could be difficult if the number of criteria increases to 6 or more.
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. Weight

Criteria that Elev change 10

are

important Wetlands 25

for ranking Roads 5

watersheds Row crops 40
Mining 20
Total 100

2.10.4 Pairwise Comparison Method

The pairwise comparison method is actually a very old psychometric technique that
has been used by several generations of psychologists (Whitfield 1999). It is a well
developed method of ordering criteria. Pairwise comparisons involve the compar-
ison of each criterion against every other criterion in pairs. It can be effective
because it forces the decision maker to give thorough consideration to all elements
of a decision problem. The number of comparisons can be determined by:

m(m — 1)
2

o =

where:

o = the number of comparisons; and
m = the number of criteria

Calculating weights using the pairwise comparison method has three main steps
(see Table 2.6). The first step is to develop a matrix comparing the criteria as shown
in step one of Table 2.6. Next the intensity values are used to fill in the matrix of
comparisons. Note that not all values need to be used. For example 1, 3,5,7,9or 1,
5, 9 could be used if the user finds it difficult to distinguish between definitions.
With three criteria (price, slope, and view), the top right part of the matrix is filled in

Table 2.6 Pairwise comparison method weight calculation (after Strager 2002)

Step 1 Step 2 Weights
Price Slope | View | Price Slope | View
Price 1 4 7 0.718 ]0.769 |0.538 | (0.718 + 0.769 + 0.538)/
3 =0.675
Slope | 1 5 0.179 10.192  |0.385 | (0.179 + 0.192 + 0.385)/
3=0252
View 1/7 1/5 1 0.102 0.039 |0.077 |(0.102 + 0.039 + 0.077)/
3 =0.073
1.393 [5.200 13.0 1.000 | 1.000 1.00 1.000
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based on the comparisons. So for example, price is moderately to strongly preferred
over the slope criterion therefore receiving a value of 4. The diagonal in the matrix
is always 1 and the lower left values are inverse values because we make that
assumption that the matrix is reciprocal. This completes the first step.

The second step is to compute the criterion weights. This is done by summing
the values in each column, dividing each element by the column total, and dividing
the sum of the normalized scores for each row by the number of criteria (3 criteria
in this example).

The third step is to compute a consistency ratio. Many software programs such
as Criterion Decision Plus and Expert Choice provide the consistency ratio for
users. If the consistency ratio is less than 0.10, then the ratio indicates a reasonable
level of consistency in the pairwise comparisons. If it is larger than 0.10, the values
of the ratio are indicative of inconsistent judgments.

The pairwise comparison method is often criticized for simply asking for the
relative importance of evaluation criteria without reference to the scales on which
the criteria are measured. This fuzziness may mean that decision makers interpret
the questions in different and possibly erroneous ways. Also, if many criteria are
being compared, the number of individual comparisons may be cumbersome.
Abbreviated pairwise comparisons can deal with this problem. Advantages of
pairwise comparison include: the method requires only two criteria to be considered
at one time, and the method has been tested theoretically and empirically for a
variety of decision situations including spatial decision making (Malczewski 1999).

2.10.5 Ratio Weighting Method

The ratio method (Edwards 1977) requires the decision makers to first rank the
relevant criteria according to their importance. The least important criterion is
assigned a weight of 10 and all others are judged as multiples of 10. The resulting
raw weights are then normalized to sum to one. The ratio method is an algebraic,
decomposed, direct procedure.

2.10.6 Swing Weighting Method

The swing method (von Winterfeldt and Edwards 1986) starts from an alternative
with the worst outcomes on all criteria or attributes. The decision maker is allowed
to change one criterion from worst outcome to best. The decision maker is asked
which ‘swing’ from the worst to the best outcome would result in the largest,
second largest, etc., improvement. The criterion with the most preferred swing is
most important, and given 100 points. The magnitudes of all other swing are
expressed as percentages of the largest swing. Again, the derived percentages are
the raw weights that are normalized to yield final weights. This method’s strength is
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that it does take into account the range of each criterion, and it is a relatively simple,
straightforward method. However, it does not allow participants to directly compare
each criterion with each other.

2.10.7 Graphical Weighting Method

There are many variations on graphical weighting of criteria. One approach is to
have a decision maker place a mark on a horizontal line. Criteria importance
increases as the mark is placed further to the right end of the line. A quantitative
weight can be calculated by measuring the distance from the mark to the left
extremity of the line. Scores are usually normalized to obtain an overall weights
vector. This approach enables decision makers to express preferences in a purely
visual manner. The graphical weighting technique is sometimes criticized because it
permits decision maker’s to be carefree in assigning weights. For example, it is easy
for a decision maker to place a mark on a horizontal line without considering the
implications for criteria weights. In favor of graphical methods, however, is the ease
and quickness with which they can be used. Many decision makers do not have
sufficient time for some of the more complex and involved approaches (Hajkowicz
et al. 2000). An example of graphical weighting method is shown in Fig. 2.8.

2.10.8 Delphi Method

In Delphi Methods the weights are derived in following three stages.

Stage 1: Participants are chosen. Initial data (what type of initial data is gathered?)
is gathered and participants present their views on the policy.

Criteria Less important ’ More important
- +
C, >
- +
C, >
c. - +
3 >

Fig. 2.8 Graphical weighting example
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Stage 2: A list of possible alternatives is compiled and distributed to participants.
Ideas are synthesized and a smaller number of possible policy recommendations are
compiled.

Stage 3: An amended list of alternatives is distributed. These “policy” ideas are
fine-tuned by the participants.

2.10.9 Simple Multi-attribute Rating Technique (SMART)

Simple multi-attribute rating technique (SMART) is originally described as the
whole process of rating alternatives and weighting criteria by Von Winterfeldt and
Edwards (1986). In this method decision maker is asked to rank the importance of
criteria from worst levels to best levels. Then they assign 10 points to least
important criteria, and an increasing number of points are assigned to the other
criteria to address their importance relative to the least important criteria. The
weights are calculated by normalizing the sum of the points to one. On this basis
some new versions such as SMARTER and SMARTS presented to elicit the
weights.

2.10.10 SIMOS Weighting Method

SIMOS (1990a, b) proposed a technique allowing any decision-maker (not nec-
essarily familiarized with multi-criteria decision aiding) to think about and express
the way in which he wishes to hierarchise the different criteria of a family F in a
given context. This procedure also aims to communicate to the analyst the infor-
mation he needs in order to attribute a numerical value to the weights of each
criterion of F, when they are used in an ELECTRE type method (Roy and
Mousseau 1996; Roy and Bouyssou 1993). The procedure has been applied to
different real-life contexts; it proved to be very well accepted by decision-makers
and we believe that the information obtained by this procedure is very significant
from the decision-maker’s preference point of view. However, the way SIMOS
recommends to process the information needs a revision for two main reasons:

1. It is based on an unrealistic assumption. This occurs by the lack of essential
information (as it was already underlined by Scharlig 1996).

2. It leads to process criteria having the same importance (i.e., the same weight) in
a not robust way.
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2.10.11 Revised SIMOS Weighting Method

Figueira and Roy (2002) developed a weighing. The main innovation of this pro-
cedure is relating a “playing card” to each criterion. The procedure can be sum-
marized into four main steps as follows:

1. Each decision-maker (DM) is given n colored cards (or n criteria). Each card has
the criterion name inscribed on it and objective of the criterion. A number of
white cards (blank cards) are also provided.

2. The DM is then asked to rank the cards from the least important to the most
important. If certain criteria are perceived to be of equal importance (same
weighting), the cards are grouped together (same rank position).

3. The DMs are asked to insert the white cards between two successively ranked
colored cards (or group of cards) in order to express their strong preference
between criteria. The number of white cards is proportional to the difference
between the importance of the considered criteria.

4. The DM is finally asked to answers the question “how many times more
important the first ranked criterion (or group of criteria) is, relative to the last
ranked criterion (or group of criteria)?”

2.10.12 Fixed Point Scoring

In this method the decision maker is required to distribute a fixed number of points
amongst the criteria. A higher point score indicates that the criterion has greater
importance. Often percentages are used as this is a measure with which many
decision makers are familiar. The key advantage of fixed point scoring is that it
forces decision makers to make trade-offs in a decision problem. Through fixed
point scoring it is only possible to ascribe higher importance to one criterion by
lowering the importance of another. This presents a difficult task to the decision
maker which requires careful consideration of the relative importance of each cri-
terion. Fixed point scoring is the most direct means of obtaining weighting infor-
mation from the decision maker. It requires the least amount of operations to
transform information supplied by the decision maker into a weights vector satis-
fying the requirements mentioned earlier.

2.11 Popular Objective Weighting Methods

Following is the list of popular objective weighting methods.

1. Entropy method.
2. Criteria Importance Through Inter-criteria Correlation (CRITIC).



2.11 Popular Objective Weighting Methods 33

3. Mean Weight.
4. Standard Deviation.
5. Statistical Variance Procedure.

2.11.1 Entropy Method

Entropy method is a measure of uncertainty in the information formulated using
probability theory. It indicates that a broad distribution represents more uncertainty
then the sharply peaked one (Deng et al. 2000). To calculate the weights by entropy
method first the information matrix is normalized then following equations are
used.

Xij

Pi=wm i=1,...mj=1,...,n
D1 i

£ = (3 pyln(py))/In(m) j=1....m

1-E .
ST(i—E) 77

wj = n

where

xjj = Original measured data
E; = Information Entropy method
wj = Entropy method Weight

2.11.2 CRITIC Weighting Method

In addition to the entropy method, any other method of measuring the divergence in
performance ratings can be used to determine the criteria weights. Diakoulaki et al.
(1995) have proposed the CRITIC (The Criteria Importance Through Intercriteria
Correlation) method that uses correlation analysis to detect contrasts between cri-
teria. First vector rj of the normalized matrix is generated where r; denotes the
scores of all n alternatives.

Each vector T is characterized by the standard deviation (oj), which quantifies
the contrast intensity of the corresponding criterion. So, the standard deviation of t;
is a measure of the value of that criterion to be considered in the decision-making
process. Next, a symmetric matrix is constructed, with dimensions m x m and a
generic element [;, which is the linear correlation coefficient between the vectors 7;
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and ry. It can be seen that the more discordant the scores of the alternatives in
criteria j and k are, the lower is the value [;. In this sense, Eq. (2.1) represents a
measure of the conflict created by criterion j with respect to the decision situation
defined by the rest of the criteria:

m

> -l (2.1)

k=1

The amount of information C; conveyed by the jth criterion can be determined
by composing the measures which quantify the above 2 notions through the mul-
tiplicative aggregation formula (Eq. 2.2). The higher the value C; is, the larger is the
amount of information transmitted by the corresponding criterion and the higher is
its relative importance for the decision-making process. Objective weights are
derived by normalizing these values to unity (Eq. 2.3).

o> (1 Iy) 22)

O
I

1; = Scores of all alternatives
C; = Amount of information
wj = Weight of Criteria

2.11.3 Mean Weight (MW)

In Mean Weight the weights are derived objectively by using equation w; = 1/n,
where n is number of criteria. This is based on the assumption that all criteria are of
equal importance. Mean weight is used in MCDM when the there is no information
from decision maker or information is not sufficient to reach a decision.

2.11.4 Standard Deviation Method

Standard deviation (SD) method is similar to Entropy method which assigns small
weights to an attribute, if it has similar attribute values across alternatives. The SD
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method determines the weights of criteria in terms of their SDs through following
equations (Jahan et al. 2012).

_ 0
w; = 0j /5 o
i /Zj:laj j=1,...n

where

w; = Weight of criteria
c; = Standard deviation

2.11.5 Statistical Variance Procedure

Statistical Variance procedure is an Objective Weighting method in which objective
weights are derived. Initially statistical variance of information is calculated by

n

Vj = (1/1’1) Z ()C:; - (x;;‘)mean)z

i=1

V; = Statistical Variance
Xjj = average value of data set of points

The objective weight can be obtained by following equation

. V;
W, = ———
J m A
>im1 Vi

2.11.6 Integrated or Combined Weighting Methods

In Integrated or Combined Weighting methods the weights are derived from both
subjective and objective information on criteria weights.

Weighting is a very critical task in decision making because it involves con-
troversy and uncertainty (Chen et al. 2009) and it influences the final outcome, the
ranking of alternatives. Several methods have been developed for this purpose,
which are reported in the literature: swing weights; ranking; rating; pairwise
comparison; trade-off analysis; qualitative translation, etc. Reviews of these
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methods are provided by Beinat (1997), Malczewski (1999) and Sharifi et al.
(2004). Crucial factors for selecting the most appropriate method for assigning
weights to criteria for a certain decision problem are the number of criteria and the
grade of uniqueness between them. Two factors were taken into account when
making the decision to choose methods for the Evaluation module. First, the
number of criteria involved in the evaluation process carried out in this model is
quite small, i.e. five. This falls within the so called ‘seven plus or minus two’ range
that is considered as the maximum number of entities that can be simultaneously
processed by the human brain (Miller 1956). Second, given that certain evaluation
criteria are explicit in terms of their context and meaning, it was judged that two of
the most straightforward and popular methods should be utilized and provided by
the Evaluation module: direct ranking and qualitative rating. The direct ranking
method allows the user to enter weights when they are known a priori or developed
using another method while the qualitative ranking method developed here offers
users a way of developing the weights within the process. These two methods are
explained in more detail below.

2.11.7 Direct Ranking

Direct ranking (or direct estimation) is the most straightforward method for
assigning values to criteria (that sum up to 1) when the number of criteria is small
and manageable. However, even for such a small number of criteria, it is not
straightforward when weighting values have two or more decimals. For instance,
sometimes is not easy to justify why a criterion has a weight of 0.2 and another
criterion has 0.18; it is even more difficult to differentiate a criterion from another
by assigning weights of 0.125 and 0.120. Thus, weighting with this method can be
reliable and accurate when values have one decimal, i.e. 0.1, 0.2 or two decimals
with the last digit being 5, i.e. 0.15 or 0.25. Because these preconditions cannot
always be fulfilled, we provide the planner with a modified rating method called
‘qualitative rating’, which has been proposed in this research and is explained in the
next section.

2.11.8 Qualitative Rating Method

Ranking methods involve the ordering of criteria to identify the most important to
the least important criteria or vice versa. Several procedures (e.g. rank sum, rank
reciprocal and rank exponent method) are then utilized for estimating a numerical
value of weights based on that rank order (Malczewski 1999). Although these
methods are simple, they involve a great disadvantage since they do not provide the
potential to rank two or more criteria with equal importance, a fact that is obviously
not reasonable in practice.
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Kamal (2012) has presented a comprehensive review on recent literature on
applications of various weighting methods in different fields of research. Tables 2.7,
2.8 and 2.9 show subjective, objective, and combined weighting methods appli-
cations along with the list of countries in which these studies were completed.

2.12 Objective Weighting Methods Used in Past Studies

See Table 2.8.

2.13 Subjective and Objective Weighting Methods Used
in Past Studies

See Table 2.9.

2.14 Selection of Weighting Method

Hobbs (1980) states that different weighting methods produce different set of cri-
teria weights and final results of the multi-criteria decision-making methods are
sensitive to criteria weights. Therefore, it is paramount to emphasis on the selection
of weighting method for solving a multi-criteria decision problem.

The selection of a particular method is highly dependent on the particular
decision problem (Hobbs 1980; Zardari et al. 2010).

Hajkowicz et al. (2000) applied five weighting methods to weight six economic,
environmental and social criteria. Comparisons were made between criteria weights
obtained from each method and decision makers evaluated each method for its ease
of use and how much it helped clarify the decision problem.

Findings of their study indicate that, in general, decision makers will assign
similar weight values to the criteria with the different methods. However, minor
variations in weight vectors such as these have the potential to cause significant
changes in the subsequent ranking of alternatives. This indicates that it is unde-
sirable to rely upon any single weighting technique in a MCDM approach as there
may be bias associated with that particular technique (Fig. 2.9).

There are several methods for transforming experts’ judgments into relative
weights. Eckenrode (1965) found no significant differences among the techniques
they investigated. Since no method is clearly superior, the preferred method in any
application depends on the intended use of the scale (ordinal, interval, or ratio level
of measurement), the time required to use it, the subjects’ mental attitudes, their
understanding of the overall problem, their perception of the instructions for
weighting the criteria, and their understanding of the criteria definitions.



2 Literature Review

38

(ponunuod)

pue| pajeu

-Turejuod wnajonad
JIoj senbruyod) uon uonewwuns pAYSom (LO0Y) & 190
2N aroydsoway) -BIpawal JO uona9s DNIMS T AJLOATE weruewelqnsereq
uemie], | yoredsoy [euonerado uoneneAd (60020)
‘errensny Jjo reurnof ueadoing |  2anoalqns jo SurEpoN uostedwod ostmIreq INADIN dnoiS Azzng Suey) pue Yo x
uononpoig uononpoid LIVIAS (T100)
pueurg JIouea[) JO [euInofr ssewolq Jo vig ‘poyrou JuWISSasSe [T 91D WAVIN ‘e 10 BIMAKAN
(1100)
eury) 1odeq 9ouaruo) Kem[rel Jo uonenjeAsq uostredwod asimIred dHV ‘SISdOL nx pue onn
1uourdofaasp (6002)
puefrey], Korjog A31oug JomodoIpAH uosLredwod asmmIreq dHV ‘Te 12 dpisedudng
(0100)
rUIYD 1odeq souaigjuo)) uoneneAd prg uosueduiod asimIred SISdOL Sueyz pue uay)
vsn SWASAS (8000)
‘epeue) paseg-oSpajmouy| UOOJ[es [BLIAJBIA ampaocoid SOIAIS PasIAey UL, DALDA1d ‘[e 10 uerueys
pue[uLy |  yoreasay [euoneradp UL (6000)
‘leSnuog Jo rewmnoyf ueadoing swojqoid Suniog ampaooxd SOINIS | VVIAS ‘HL TILDA1d ‘[2 30 USUOAIQ],
suoneorddy K109y K213 (1102)
Koyang, PIm SwoIsAS madxyg UONI9[AS SNOY AICAN ampaooxd SONIS ‘TILDFTH ‘SISdOL e 30 uedoz()
[oIeasay [euonerddo (0102
erensny Jo ewmoy ueadoing Apddns 1o1em ueqin ampaodoxd SOINIS AIHLINOYd ‘T8 39 BIRYIPOY]
juowoSeur]y | JuowdSeuBW $9JINOSAL 0102
BIAT[Og S90INOSAY JNBA\ Ioyem pareiSouy uosueduiod asimIred dHV e 10 eAezie)
JuowoSeuB SQUOZ poyiow (1102)
eIpU[ S00IN0SAY JojeAy | [enudjod 10jem punoin) | 10J00AUSIO ‘uosuedwod asimireq dHV ‘T8 10 [emIydRIA
Anuno) uonedrqng [OIBasal JO BaIy poyeuwr SunySrom aandalqng poyewr INADIN QURIRJY

(2107 Tewey] Joye) sarpmys ised ur spoyrowr Sunysom 2anofqns jo uoneonddy £z dqeL



39

Popular Objective Weighting Methods

2.11

(panunuod)
K3orouyoay,
pue 90UIdS
ysope[Sueg [eIuWIUONAUY JO JuowaSeuew (8007) uewyey
‘erensny [eUINO[ [BUONBUINU] SO2INOSAI JJe M poylouwr wns pajySrom VADIN pue AInypmoy)
yo1easay [euoneradp UOISIOAR (€002) ‘T8 12
uredg Jo Teuinof ueadoinyg YSH [RINNOLISY uonouny ANIn dANIPPY 109 ‘AnNVIN UouII"J-ZowWon)
JUSWIUOIIAUT LOVIN
arodegurg pue Surpiing Suraemaq LIVINS uo paseq SSASSA | (2007) Te 10 Suepm
SIS pAjeu
JUQWIUOIAUY -Twrejuod 10y suondo uostreduiod (0102) ®red
puejurj [810], 9} JO 2OUANOS Juowageurw YSIY asimited ‘popowr oney LAVIA uo paseq 1Sd -dag pue 1reAIOS
uerd
Sunndwo) PaYSIoIeM-JUSWUOT
ueMIE], yog parddy | -1AUO 1899 JO UONII[AS uostreduroo asImIred dHVA ‘WADNA | (1T07) ‘e 32 uoy)
o/d/v
sued ‘yueg oy jo An INIMI (1107) ozinf pue
anbiqurezoy STy pue SorsAyg Jo uoneyuawre[duy uostedwos osimIred | sisA[eue LTOMYV ‘dHV e[eAVy-039[[eD)
aTem)jog pue SUl[ s[eos (0102)
vSn -POIN [EIUSWIUOIIAUF paysiorem jo Sunjuey uostredwod asimIred dHVA ‘Te 30 apoury
elfensny (1000)
‘uBmIBL eSowQ SulLIre JO uohen[eAyq SISdOL ‘dS ‘MVS WAVIN Yo & pue Suey)
jusuIegeuRw (21027) eprowy
lizeig edow SO2INOSAI JJB M Sunyuey I FAHLANOYd pue SIRIOJA
SISA[eue uors
SOTWOU0OH -109p [BJUSWIUOIIAUD (8007) elery
puefuL [e0150[00F | Ul ssouselq SunyStom ONIMS INADIN pue USUIE[EWEH
Anuno) uonesrqng [OIeasal JO eIy poyowr SunySrom aAndalqng poyowr NADIN QOUAIOJOY

(Ponunuod) £°g AqeL



2 Literature Review

40

(panunuod)
(T100)
yopezZ-zoe \
uelp Korjod A31oug Sunyew Aorjod A3oug uostedwos asimIred dHV pue rwreN-IeA9JA
[o1easay [euonerddp uoneso|
UeMIB], Jo [euinof ueadoing ANTIoB) JO UONOAS sequnu Azzng MVSA |  (8002) Te 12 noyD
JuowoSeury (S002)
uelp SO0INOSAY IoIB A 100fo1d 1ojsuen 1oje uostredwod asimIred dHV | ‘B 19 IyoweysLqy
JUQWISSISSE
BUIYD Korjog A310ug Kouaronge A31oug uostedwod astmiIreq dHV | (0107) Te 30 Suex
eIpuyp SOOUQIOS UOTJRWLIOJU] UOII9[dS JIOPUDA uostredwod asimIred SISdOL ‘dANV | (8002) ‘Te 12 Suex
Suuoourduyg
[emsnpug sjuerd Surmyoey
uemIe], pue sindwo)) -nUBW JO uoneneAg poylowr Suner ‘poypowr SUNoA SISAOL £zzng |  (0107) NH pue nx

$90IN0SAI
I9jem punois

BILYY YInos VS Jolem Jo Juowageury DONIMS ‘LIVIAS VAOIN (9007) uss1d1ld
MOTADY YOTBISY syoofoxd Jo-open ‘uvostred (6002)

Aer j1odsuel], ueadoing juowssasse Jodsuel], -woo asimired ‘Sunyrom oney LAVIN ddiig pue aroq
poyew Sur (¢102)

uely JuowaSeUBIA S Sunis [[ypue] -IopIo yuel ‘uostredwods asimired MVS ‘Te 30 LepUBRYSH
[0nuod (2100

uery [eUOnBUISIU] JAJEAN uonnod 105ep MVS ‘uostredwod asimired MVS ‘dHV [ueWeES pue 1S00],
JuswaSeuR uosLedwod SISdOL (1102)

uely SO0INOSAY Jorep\ uIseq JOARy asared ‘gANN Azzng uo paseq INADINA Te 10 Teysyy
£1ddns (1002)

uepiof uoneuresa SO2INOSAI 1) M uostredwod asimiIred dHV USSUOJA pue Joqef
Anuno) uonesrqng [OIeasal JO eIy poyowr SunySrom aAndalqng poyowr NADIN QOUAIOJOY

(Ponunuod) £°7 AqeL,



41

Popular Objective Weighting Methods

2.11

(panunuod)
elensny QUIIPI | VI Suisn sonuoud (L00D)
‘epeue)) PUE Q0UIIDS [B100S QOTAIOS [J[eay Fumjes DNIMS LOVIN ‘Te 32 yoooead
juowaSeuR A pue
JUSWISSISSY [BIUQW SJUQWIIPIS
BAIOY INOS -UOITAUY PajeIsajuy PpajeuTIIRIu0)) poypowr ydjeg VADIN (0T0Q) Te 30 wry
[oreasay [euonerddp JjuowaseurW

uedef Jjo reurnof ueadoing S90INOSAI [IN[NOLZY LIVIAS Surwwrer3oxd Teon (0007) yseAeyq
IojeMaIsem
yo1easay [euonerado [endsoy wo1j [eAowal (2102)
PUB[IOZ)IMS Jo Tewnof ueadoing [eonnooeuLIeyJ Jo-open ‘ONIMS LOVIN ‘LAVIN Te 30 ymnyos
uno[ng Kpenb [es JUQUISSISSE
rUIYD uonnyog SULIBA -130[009 JO uonEen[eAq uostredwros esmmared ‘mydjeq pajerdour Azzng (T102) Te 1@ npp
dHVd
JuoWdSBUBIA sy00foxd uon uostredwod ‘goeordde jyouag-1soo | (1107) Sered pue
909010 IR AN [BIMNOLISY -e3LUT JO uonen[eAq asimared ‘syySrom Azzng BLIQIID NN AZzng sornodojsougeuy
suoneorddy pays 1ojem (1107) uewelyey
Koyng, PIm SwISAS Madxg P9ISaI0] JO UOT)II[S uostredwoo esmmared £zzng dHV “9OIIA £zzng pue eAey]
SOUAIOS 931eyor 1102)
eIpU] (e [BJUSWUOIIAUF |  I9JeM PUNOI3 [eOYNIY uostredwod asimired dHV ‘[e 19 Ieyuoe3Ieg
SOOUSIOS SUTUTI pue
SOIURYIQIA Y00y JO Ioyem Jooy dHV ‘9Aneniead
BUTY)) [euINO( EUONBUINU] JO JUSWISSISSE STy uostedwod asimIed aarsuoyardwod Azzng | (Z107) ‘Te 30 Suepy
3urepoly Jyndwio) SISdOL (z100)
anbiqurezoy pue [eonewayjely | Suronud 1ojem uone3Luy uostredwod asimired payipow ‘qHV e[eAY-039[[eD)
oouedS Arejoueld Aiiqesoupna (z100)
BUIYD pue yureq eIpasoid SO2INOSAI 1) M uostredwod asimiIred dHV ‘Te 30 myue x
Anuno) uonesrqng [OIeasal JO eIy poyowr SunySrom aAndalqng poyowr NADIN QOUAIOJOY

(Ponunuod) £°7 AqeL,



2 Literature Review

42

(panunuod)

Sunmoejnuey
ur SoTwouo3Ig

uonoI9as

dHVA

(z107) ueyig

Koying, pue sI10}o8] uewIN JeIS OIWapeOy uostredwod asimired ‘TILDT T Azzng pue y3opuaknoy

yoreasay ASiouy jo WJSAS UONeId sToquunu (1102) ‘T8 30

uredg [eUINO[ [BUONBUINU] -ud3 11 ® JO Uonodes Kzzny ‘vosuredwod osimireq dHVA 9OION-OIIN

suoneorddy

pue [oreasay] 2010WW0)- 0§

UeMIB], [ Q0JOWWO)) OIUONOAH WI9ISAS PIPUSILIOINY MALIVIAS IOV (1107) Sueny
uononNNsuo)) uonod[as

vSsn ‘eulgd ur uonewomny potaul uonsnnsuoy) LIAVINS LOVIN | (0107) T8 10 uay)
[oIeasoy Kyrenb

BUTYD) S[ELIOJEIA POOUBAPY Iojem JO uonen[eAg uostedwod astmIed dHVA (Z102) Te 12 nn
uoneneAd

[oreasay] Kypenb juowr uonen[eAd (T102)

BUIYD S[ELIDJRIA| POJUBAPY -UOJIAUQ [BJ150]00H uostedwod asimIred aarsuoyardwod £zzng 12D pue req

a3eureiq pUBWIWOD UOT)BILLI (2107) 1regen

uel[ pue uonesLuy urnpim Suruuerd dox) uostedwos asimIred dHV pue IezejuoN

SOOUQIIS0AN) MO Jorem s)y3rom Azznj ‘uost poyjour (0102)

uery JO [ewInof UeIqery punoi3 jo [enuajod | -redwod osimired ‘poyowr ydieq ydieq Azzng ‘qHV Te 10 HeAURIRY

eS|y JUQWOSBURIA [EIUSW juowoSeuew yoeoxdde (T102)

‘Qouen -UOIIAUF JO [euInof |  we)sAs oFeureIp ueqin uostredwod asimireq j1oddns uoisioeg ‘[e 19 BLIOZUDY
JuQWRSeUBIA UONBAIISUOD

BUIYD SO0INOSAY Jore Iojem JO UONEIO[[Y uostredwod asimiIred dHV (6007) Sueyz

Suuoaurduyg woIsKs (L007) Tueyequeg

uelp SwaIsAS org uonesLUI JO UOndIJS uostedwos asimired dHV pue IJeZejuoA
SOOIAIQS WD)
UOBAIOSUOD) -s£s029 pue [eyded Tex

Qouel [eo13ojorg -NJeU JO JUSWTBUBIA DONIMS ‘uostredwod asimIreq VADIN (0107) uelig

Anuno) uonesrqng [OIeasal JO eIy poyowr SunySrom aAndalqng poyowr NADIN QOUAIOJOY

(Ponunuod) £°g AqeL



43

Popular Objective Weighting Methods

2.11

(panunuod)
seare
1009 ueqIn ur Iajempunoid
SI19)sBSI(] [eInJeN uo syoeduwr ‘A
BISSIY 10§ 1oddng uorsTOaq -N09S [BIUSUIUOIIAUL uostedwod astmiIreq dHV (6007) A°1Aqog
Suruuerd
Juowogeur 19eA\ pue juowdo Surwwresdoxd (1102)
erensny SO0INOSAY IOJEA\ | -[OASP OLIBUIOS JO 3S() pouyewr unysrom aiqnoq astwordwo) ‘Te 30 uoyens
JuowoSeuB Suruuerd
BIQIOS S90IN0SAY IONBA\ S90INOSAI JAJB A poyrew JYOMIA poyowt YOIIA (6007) d1800udQ
Apiqeuresng uoneooe
pue juowdo $92IN0SAI pue| (6002)
909910) -[9A9[ JUSWIUOLAUF pue I9jem Judloyy ANHA-9S dOIN sonodoune|
JUSWSSRURIA (T100) T8 10
909210 S90IN0SAY IONeA\ puUBWIAp Joyem ueql() uostredwod asimIred dHV soinodogeued
SOIWOUOIH (#007) 03sary pue
uredg rexmmoudy | Suroud 19jem uonesLuy uonouny AN[Nn JANRIPPY LOVIN UQWII[-ZoWON)
UONBIN0SSY
$90IN0SY
I0JEA\ UBOLIOWY 9y} suonerodo so[qeLreA onsmaul| ‘poyjow [opowt (6000)
BUIYD JO [euwmnof VYMVI[ [0U0d POO[] pajeI3ajur sjySom aANeIaN] uontugodar Azzng 997 pue Suep
UONBIN0SSY
S92IN0SAY sasodind axmyno
9B A\ UROLIDWY dY) -113e I0J I9jeM d)sem 0102
aunsared JO [euwmnof VYMVI[ parean Jo sisAfeuy poyow wns pAYIOM Sutwressord [eon ‘[e 39 Iprenf-1y
SISA[euy
uoIsI09(J ©LId) Sunis [y
Areif -LID-DNIA JO [euInof -pue] jo juswdojaaaq uosteduwiod asimireq ANV [eneds (1107) mauxg
Anuno) uonesrqng [OIe9sal JO BaIy poyouwr Sunysrom aand9fqng powyewt INADIN Q0URIRJOY

(Ponunuod) £°7 AqeL,



2 Literature Review

44

(panunuod)
Kurelaoun opun Sut
yuey oy jo An -Yew UoISIOdP BLIAILID iEN (8007) BWIDA
vIpup -SIAY) pue soIsAyd N[NW SI0INOSAT IR A soqunu Azzng rewndo ojored Azzng pue d1AouowIS
xopur Kyriqefreae
JUQWIOSBURIA [EIUSW Iojem ueyjodonow s1oquInu 0102
vsSn -UOIIAUF JO [euInof Y jo Juawdopaad Azznj ‘suosuredwod asimIreq dHVA ‘[e 19 Suey)
K3orouyoay,
puE 90U3S
[eluswIuOIIAUY JO ssoooxd juourean 19} (1102)
uelp [eUINO[ [BUONBUINU] -EMOISEM JO UOINIJ[OS suosteduwod asimired dHVA ‘dHV ‘[e 39 ey
JuoWIASRURA] [BIUSW (S002)
BI[RnSNy -UolIAUg JO [RUINOf JUSWASRURW J1JB A wistueyoaw Sunysrom 9[qno Surwureiord eon ueyy] pue 1A9¥
Sunoa suosuredwod asimired
JjuowaSeurw ‘Sunoa reaordde ‘yunoo epiog
NUEINAN SQ0INOSAI Jojem Ul Jur 9yJ, ‘Sunoa Aypeinyd ‘woysKs
BIQIOS ypoddng uorsioeg -Yew uoistoap dnoin QIR Y} ‘O[NPAYDs U] dHV ‘INAOIN (L00T) o1a9[p1s
[oIeasay [euonerdd 1M (8007) Touuarg
BISQUOpU] Jjo reurnof ueadoing SunyuLp I0J SAIdI0g uostredwod asimireq dHV pue nemruad
SOTWIOU0OH JusweSeuRW yoeoidde eroyuo-nnux
N [e2150[007 S poo[g D0 ‘[esloral Yuey pauedonred v (L00T) uoKuayf
poyowr swr3ar
Aiqiqeure)sns pUE ‘pOUIAW XIWEBAD

BOIOY YINOS

JuoUIASRURA] [BIUSW
-UOIIAUH JO [euInof

10§ Juowogeuew
10JeMm JO UONBZNLIOL]

uostredwos asimireq

‘I HILOATE Sum
-weidoxd aysodwo)

(46000
997 pue 3uny)

B2I0Y YINOS

JuowaSBUBIA
S90INOSIY I A

Ayiqerauna
[eor3o[oIpAYy
Jo uoneoynuapy

uostredwod asimired

poyIoW XIWEAD
pue ‘poyjew swrsor
‘I 34101 ‘dD

(26007)
997 pue 3uny)

Anjuno)

uonea1qng

[OIe9sal JO BaIy

poyrewr SunySrom 2Analqng

poypewl NADIN

AOUAIJY

(Ponunuod) £°g AqeL



45

Popular Objective Weighting Methods

2.11

(panunuod)
JuowoSeuB JuowaseuBW Surwrerdoxd (8002)
uelf S90IN0SAY IOeA\ 19)em UeQIN) SunySrom aanippe o[dwig ostwoidwo) ‘Te 10 1weysiez
[o1easay [euonerddp uonusooal (Z007) neyd
BUIYD Jo [euinof ueadoing |  [0NUOD POOY JIOAIISY sySom Azzng woned Azzng pue uenuny)d
elfensny jusuregeuew uostredwod asimired ‘sisA[eue uonouny eI 9d (L002)
VS|  SOmuouodd [ea130[0dg JuAWIYIRY) Juowdpn( ‘Suriods jutod paxig -nw A1nn 9ARIppY yjeIoy pue ojeld

SISA[euy
UOISIOO(] BIIO)

suondo juowa3eurw
puBwIdp Iajem pue
uonejuowdne Addns

(€000)

BOLYY YInog “LUD-DA JO [euInof I9jem JO uoneneAy SONIMS DO VAOIN ‘[e 39 Maqnof
suondo Aorjod (€007) uosuIe
erensny A1s210, 9[BIS-[[EWS uone)agoa uerredry suosuedwod asimireq dHV pue 1ysainQ)
JuoWIdSBURIA SQINSBAW [OIIUOD yoeoidde #002)
[eSmuaoq S90INOSAY 1B\ pooy jo uoneneaq uonounj uonegar3de oidurg HDIAGDVIN| Te 10 ®Iso) o eueg
SunyeI UOISIO
L)) o[dnniy
uo sordo], yoreasay PaysIalem Juouwl sToquInu
uemIe], 93pg-Sumn) -UoNIAUD Ay Suruue|d Kzzny ‘suostredwod asimiIred dHVA | (6000) e 10 uayd
[OIB3SAY pue s[[ypue| A1ey (8007) 2dyoeIRg
snOLNeA JuowaSeUBIA S -IUeS JO UONOI[AS AIS suostredwod asimiIred dHV pue uomeafurey
[oIeasay sresodoad [emoauar (8002)
BUIYD SI0JeSIpU] [B100S ueqin Jo JUSWSSASSY suostredwod asimIred dHV uey) pue 997
9IS J)sem PI[OS suostreduiod 0102) 151D
Ao JUSWIASBURW QISBAN [edomunw Jo uonodeg asimired asn 03 9[eds AjLIoLg dHV 9 pue 094 2
vSn JuowaSBUBIA JuowregeuRw (1102)
‘pueIOyION S92IN0SAY INLA SSO[ JOJe A\ SOINIS Pasiaoy AIHILANO Y] ‘Te 19 eSueynNA
Anuno) uonesrqng [OIe9sal JO BaIy poyouwr Sunysrom aand9fqng powyewt INADIN Q0URIRJOY

(Ponunuod) £°g AqeL



2 Literature Review

46

(ponunuod)
QIMOANIYOTY
adeospue|
pue juswdoroaag (Sunyuer e yim poyuswaduiod)
‘SUI9)SASO0H quaw Soueuntoyrad Jord paygipour 9[edss syurod-u ‘suos (6002)
[eSmuaoq -uoIiAuy ‘A31oug -dns 191eM JO Sunjuey -tredwod asimired “ofeos jurod-u OdSID ‘[e 10 aueng
SurpoAooy pue uon (L00T) eprourly
[1Zelg | -BAIOSUOD) ‘SIOINOSIY juowoSeuew afeNea] uostredwod asimiIred A GAHIANOYd pue SIeIoJA
swaysAs Ajddns (9007) eprowyy
lizeig VS Iorepm Io)eM UI JUSUIISOAUT uostedwos asimired I 24LDI1d pue SIRIOJA
uoneIqeyax yoeoxdde Sur (0107) eprour]y
lizeig VS 1ol JIomlou Ioe A\ poylouwr Junyuey -Yew uols1oop dnoin pue SIRIOJA
(1009) "uon
-eziumndQ uouI) UOTBAIISUOD (1102)
izeig -nJA Areuonnjoayg Iofem ueqin) ampasoid SOINIS Pasiadyg MALIVIAS ‘Te 12 euBlUOq
XINVAA
JUSWISRURIA [EIUSUI suondo ‘anfea pajoadxo (1007) uosu
eIfensSny -UOIIAUF JO [euInof uonejeFoA-a1 uerredry uostedwod ostmiIred ‘uoneWIWNS PAYIIOAN -Ie[] pue 1ysainf)
UOIBIO0SS Y
SO2INOSAY IJeA\ UBII Juswageuew (€002)
vSn -IoWy 9y} JO [euInof IIOATOSAT ISR\ Koams ydpeq poyeN Tydeq I9pAY pue Io[Ae],
suoneorddy (0100)
uel| PIm SwISAS Madxg UOTSIQAIP JI3JR A\ sjySrom Azzng INADINA ‘Te 30 modiy
08y
-Juowa3eUR[A pue
Suruue[q SOOINOSIY uostreduroo astmared SururerSoxd (S002)
uely Io)ep\ JO [euInof A[ddns 1o1em ueqQIn ‘wistueyoaw Sunydrom 9[qnoq ostwordwo) | e 39 IPWeYsLqy
Anuno) uonesrqng [OIeasal JO eIy poyowr SunySrom aAndalqng poyowr NADIN QOUAIOJOY

(Ponunuod) £°7 AqeL,



47

Popular Objective Weighting Methods

2.11

(ponunuod)
SurepoN JuswageuBWw sisATeue juowdpnl ‘uostred ‘goopen ypom 213
erensny Q0IN0SYY [eINJeN PpaysIore A\ -wod parred ‘Suriods jutod-paxi -ouns ‘K1ooy Amn (6661) oreld
UONRII0SSY
S90IN0SY
I9JEA| UBOLIDWY 9y} JuowaSeURW
vsn JO [eUINOf VYMVI paysiore wmns pajysomM MVS | (2007) T8 10 Awe]
JUQWISSISS Y
vSn pue 3unio) jusurageuew poyow Juryuer ‘poyjow (2102)
‘ysope[3ueqg |  -IUOJA] [BIUSWIUOMAUY Pays Iojepn Suner ‘vosuedwod osimireq dHV ‘Te 10 semsig
JUSWIASBUBIA Surwrerdoxd (0107) zekhkeq
uely S90IN0SAY IONeA\ JuoweSeURW JAJBA uostredwod asimIred astwoidwo) pue 1yeneq
Surepoy enduro) sIySTom JUel [euIpIo ‘SIS
vsSn pue [eonewayIBN Jo uostedwo) -ATeue uorssaidar ‘sjydrom [enbg SISdOL (#007) uos|O
SyIomiou uon
JUSWIASBUBIA -e31ur jo Ayaponpoid (0107) 19yseqpez
uely S90IN0SAY IoJeA| | Jorem [BQO[S JuIssasSy suosuedwod asimIred dHV puE IeZRJUOIN
saniroe}
Arerodwe) uononns SISA[eue Surwwrerdoxd (L002)
Q09010) | Yoreasay [euonerdQ -U0d 10} UONIJ[3S AS Jo-open ‘suostreduod asimiIred astwordwod ‘qHvY ‘[& 19 SIPRI[OURIA
JuoWIASRUBIA JUQWISSISSE
erensny [eIUSWUOIAUY JUSWIYOIED PUBTIOAN poyewr Suney SISdOL (9007) Te 30 NI
sonewoju] Sur JuowaSeuRW (6002) T8 19
SN -IoQuISUy PIdUBAPY Pue| pajeuIWIBIUO)) suostredwod asimiIreq dHV enequieq-o[Rg
Surpepoy 1enduro) JuowregeuRw 102 Te R
uredg pue [BONRWAYIBIA 93eyed] 1B suosueduwod asimired dHV upAeD-ope3pg
Anuno) uonesrqng [OIe9sal JO BaIy poyouwr Sunysrom aand9fqng powyewt INADIN Q0URIRJOY

(Ponunuod) £°7 AqeL,



2 Literature Review

48

[ewInor juour

(z100)

uely -UOIIAUF PUB IOJBA\ 93e1I0yS Ioje A uostredwod asimIred SISdOL ‘dHV ‘e 39 1oeqRyg
UONRIN0SSY SpaysIgem
$901N0SY ueqan ur asuodsax
10JBA\ UBRDLIOWLY Q) KouaZiowrd pue uorn
JO [euInof VIMVI -eSnIu prezey poor] uostredwod astmIred SSAOIN (L00T) 'Te 10 Aad]
UONRI0SSY
S90INOSY
I9JBA\ UBDLIQWY ) (0100)
uelstyed JO [euInof VIMVI uonesofe 1ore stsk[eue Jurofuo) II TH41L09dT1d ‘[e 19 Lieplez
[eWINO( judW soqunu W1 (1102)
BUIYD -UOIIAUF PUB IJBA\ uefd uoneso[e 19ep Azznj ‘uostredwod paired NS ‘TNINIMOINA noyyz pue 3usd
QOUBUIWIOP OTISBYI0IS
‘YoIeas IANRIA 1)
Anuno) uonesrqng [OIe9sal JO BaIy poyouwr Sunysrom aand9fqng powyewt INADIN Q0URIRJOY

(Ponunuod) £°7 AqeL,



49

Popular Objective Weighting Methods

2.11

(ponunuod)

uonen[eAd dAIS 0102)

BUIYD suonedrddy yum swolsAg padxyg juowissasse Ajenb 1ojepn poylowr Adonug -uoyardwos Azzng ‘e 10 nry

ssauaAnnadwos uon 1102)

dsitiig) JuoWIASeURA] WSLINOJ, -BUNSOP WISLINO} Y} JeN[eAT poyrowr Adonug SISdOL ‘Te 10 Sueyyz

[opour Sur

-Yeul UOISIOSp eLIs) (2100) ueyz

BUIYD BIPA00I1] SuLoouIduy SWoIsAS uonenfead prg poyrowr Adonug -LIO-N[NW JIweuAq pue Suepy

(000

SN Suruwregoxd [[euu0).0

‘Kosang, JuoWOSBUBA] SI0INOSY IAJBA\ Suruuerd s90IN0SAI IOy A\ poyjew jurod [eapy ostwordwo) | pue Aesnpin g

(9000)

BUIYD [ SOOUQIDS [BIUSWIUOIAUY JO [BUINO[ juswssasse Ajienb 1ajep poyewr Adonug SonAYIUAS Azzng ‘[e 30 noz
S9oUB)ISIp

SurEpoN UBAPI[ONS pajySIom SISdOL (0100)

uredg 19ndwo) pue [eoneWAYIBIA syueq jo Funjuey ‘poyrowr Adomuyg ‘Sururergord [eon ‘[& 19 B1oIRD)
dsd) ‘poyrew

Surjepon ST 9 BN “DLLI¥YD (0100) on

dsitig) 19ndwo)) pue [eoneWwAYIRIA JUSUISSASSE JJUaq OTUIOUOIF ‘as ‘poyrowr Adonug WADIN pue Suep

(0100)

0USIDS [epowt urdusfen

Kayng, 19ndwro)) [esI9ATUN) JO [RUINO[ uononpoid pue ureyo Ajddng poyrowr Adomug o1301 Azzng pue yeqey

[oIeasay SISdOL ‘dD (0100)

uredg suonerad( pue siondwo)) suuy jo Sunjuey JLLI¥ND Surwreidoid [eon ‘Te 19 BroIen

(1100) Te 10

uely suoneorddy yym swoysAg 1adxg uonoopes 1orddng poyrow Adonug MOMIA Azzng IpeYSWways
poyiow

Anuno) uonesrqng [OIeasal JO BaIy SunySom 2A199[qQ poyewr INADIN SOURIRJY

(2107 Tewey 1oi3e) sarpnys jsed ur spoyrowt SunySrom 2a102[qo jo uoneorddy g7 dqey,



2 Literature Review

50

uonoejsnes poylouwt (8000
'UIYD Jodeq 9ouarojuo) 90IAIOS JOUWIOISNO UONEN[eAq JUSIOLJO0D JUBLIBA SISdOL ‘Te 10 anx
Sunoourduyg

AMMOUZY U0 OUAIJUOY) [eUuol) S92IN0SaI (L00T) USIN

'UIYD -euIUI /007 9 Jo sSuipasdoid Ioyem JO uonesyIsse[D) JUQIOLJO0D JUBLIBA SISdOL pue Suep

Q0UQIDS uoTBW wasAs 1omod ur Kouanb UOTJBN[BAQ QATS (102

BUIYD -1oju] pue Junndwo)) JuaSIf[AIug -a15 pue anfea yead isnlpy poyow Adonug -uoyardwos Azzng ‘T8 19 ®If
S90IN0SAI
Iojem pUB JUSWUOIIAUD I0J

vsn VS Tolepm [00) UOISIDAP pue SUI[[PPOIN poyouwr Adonug NAON | (000T) ysSurs
syurod Surioj
I SWN[OA ‘@IM[NouIY U] sa13o[ou -uow Ayfenb 1ojem 1oy syurod

ruy) -yo9], Sunndwo) puy r9ndwo) pUE puB[}om JO UOTIIS poyrowr Adomug Kyeqruats Azzng (8007) Suery

SISdOL
payIpow ‘ururwed (#002)
[izerg JUOWIASBURIA SOOINOSY JOJB A\ JuowoSeuBW IOJB A\ poyrowr Adonug -o1d 10D ‘SISJOL ‘Te 10 d1a9lpig
poylour
Anuno) uonesIqnd [OIeasal Jo eaIy Sunysrom 2an22[qQ poyrowr INADIN S90UQIRJY

(ponunuoo) g AqeL,



51

Popular Objective Weighting Methods

2.11

uono9[as
puerey, SwA)SAg snowo J0qO1 ampaooid soue poyjowt (1102)
‘eIpu[ | -uOINY pue SONOqOY [esnpuyg -LIBA [BOTSIIRIS jurod ‘uostredwiod asmmiIreq IWAVIN Te 10 ovy
poyowr o1301
IIREIEN ampaooid soue [enSIp ‘poyewr uonedo[e ©102)
erpuf | uSIs9(] pue S[eLIdYRIA [eLIYRIN -LIeA [eO1SHRIS jutod ‘uosuredwod osmmireq INAVIA pesodoig [91ed pue oey
s3urping a3e10)s [000 [opowt (8002)
rUIYD) pue AS1oug JO uondIS poyrowr Adonug uo uostredwod asimIeq eroILD idnnur Azzng Te 12 Suepp
JUQUWISRUBIA] MIN ‘dS SISdOL ‘Sut
S90INOSAY ‘poyrewt DILIAD -wrer3ord asudwod ‘Sur (8002) 'Te 10
Aoyang, uoneuresaq I3/ A ‘poyrowr Adonug uostredwos asimired -y3rom aAnippe opdwig n[SoroueuLeHq
191SESIp (1100)
diitg) 1odeq 9ouarayuo)) poolg poyewr Adonug uostredwod asimired ViD ‘Te 10 Suerf
uemre] -A3o[ou
-Yo9], pue 90UIS SOATJRUIR)E
uemIe], QULIBIA JO [euInof Jo Sunjuey poyrowr Adonug uostredwos osimiared Azzng SISdOL £zzng (1102) Suig
yoIeasal poyewr Jur poyowt
Anuno) uonedrqng Jo vary -y3em 2A1n22[qO Suny3rom aand2lqng poylew INADIN SOURIRJY

(2107 Tewey] Joye) sarpmys jsed ur pasn spoyjow Sunysiom 9a1n99[qo pue aAndalqnsg ¢z AqeL



52 2 Literature Review

207 18
187 O Best

I 15
16 B Worst 14 14
14 o

12

124
10+
8- Z 7

5
6 4
4 4

2

N |
0 .

Fixed Point Rating Ranking Graphical Paired

Comparison

Fig. 2.9 Number of decision makers identifying weighting methods as the ‘best’ or ‘worst’. The
‘best” and ‘worst’ categories do not total to 55 due to non-responses from some decision makers
(after Hajkowicz et al. 2000)

Methods for choosing weights have been surveyed before (Eckenrode 1965;
Huber 1974) but not with an eye to the theoretical requirements imposed by
weighting summation. A number of techniques are presented below, as are their
applications in power plant siting. In general, methods that ask decision makers to
choose weights directly do not guarantee that the weights are theoretically valid.
Methods that derive weights by ensuring that the decision rule is consistent with
trade-offs expressed by decision makers are more likely to yield valid weights.
Those methods, however, generally are more difficult to apply.

In the absence of test/retest data, a rough indication of the reliability of the
weights may be obtained by comparing the weights chosen by the two persons most
likely to have similar values and knowledge. The two Maryland participants have
worked together on siting studies and have similar perspectives on the siting
problem. The correlation between their rating weights was 0.783, the highest
between any pair of rating weight sets. Their indifference trade-off weight sets had a
correlation of 0.624. These two correlations can be taken as a measure of method
reliability. Both are much higher than the mean “between method” correlations.
Hence, choice of weighting method appears to result in greater differences between
weight sets than what can be attributed to method unreliability alone.

These large differences in candidate area sets contradict assertions made by some
researchers (Dawes and Corrigan 1974; Wainer 1976) to the effect that weighting is
unimportant as similar rank orders will often result from very different weight sets.
Choice of weights is important here because siting is concerned only with the best
few alternatives, not the entire rank order. Correlations of suitability are high, but
the candidate areas differ.

Nijkamp et al. (1990) suggest various methods to estimate criteria weighting.
These are broadly divided into two main approaches: direct and indirect estimation.

Direct estimation of criterion weights refers to the expression of relative
importance of the objectives or criteria in a direct way through questionnaire
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surveys. Respondents are asked questions within which their priority statements are
conveyed in numerical terms. Respondents can be members of the design team,
representatives from the client, local council and public (Seabrroke et al. 1997).
This is another opportunity for the increasing demand for public participation in the
decision-making process (Joubert et al. 1997).

Direct estimation method techniques come in various forms:

e The trade-off method where the decision-maker is asked directly to place
weights on a set of criteria to all pairwise combination of one criterion with
respect to all other criteria.

e The rating method where the decision-maker is asked to distribute a given
number of points among a set of criteria to reflect their level importance.

e The ranking method where the decision-maker is asked to rank a set of criteria
in order of their importance.

e The seven-points (or five-points) scale which helps to transform verbal state-
ments into numerical values.

e The paired comparison, which is similar to the seven-point scale, obtains the
relative importance of criteria by comparing all pairs of criteria on a non-points
scale.

However, all these methods run into trouble when the number of objectives
becomes large (van Pelt 1993; Hobbs and Meier 2000). When this happens,
objectives may have to be structured in a hierarchical model to separate objectives
into different levels (Saaty 1994).

The indirect approach is based on investigating the actual behavior of respon-
dents in the past. Weights are obtained through estimating actual previous behavior
derived from ranking alternatives or through an interactive procedure of obtaining
weights by questioning the decision-maker and other involved parties. Hypothetical
weights may also be used in some projects. Here, the analyst prepares weights to
represent the opinion of specific groups in the community, then policy-makers may
comment accordingly. Each approach has restrictions and limitations in terms of
accuracy and cost. Their usefulness strongly depends on the time required and the
attitude of respondents (Voogd 1983; Nijkamp et al. 1990; Hobbs and Meier 2000).

Hobbs (1980) used two weighting methods, one deriving weights from trade-offs
made by decision makers and the other asking decision makers to choose weights
on a scale of 0-10. They found that the power plant locations picked by the two
weightings methods were differing noticeably. This shows that different weighting
methods produce different set of criteria weights and final results of the multi-
criteria decision-making models are sensitive to criteria weights. Therefore, it is
paramount to emphasis on the selection of weighting method for solving a multi-
criteria decision problem.

Weighting of criteria is subjective and has direct influence on the results of
prioritizing strategy options. It is therefore critical that criteria weights are deter-
mined rationally and truthfully (Hobbs 1980).
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2.15 Weighting Methods Supported by Softwares

Kamal (2012) has presented a detailed survey of literature and observed that a large
number of softwares are developed for the multi-criteria decision-making methods
and but not separate softwares were developed for the weighting methods. He stated,
however, different MCDM methods support various weighting methods. Some
softwares support only one weighting method and some support more than one
weighting method. A review on softwares’ availability for various MCDM methods
supported for different weighting methods is given as below (Kamal 2012).

2.15.1 Pairwise Comparison

Thirty-two multi-criteria decision-making methods softwares were found which
supported pairwise comparison weighting method. These are:

Super Decisions

V.IS.A

1000 Mind

Decision Lens

Make it Rational

Expert Choice

D-Sight

Decision Plus

DEMATEL

Criterium Decision Plus SELECT PRO SOFTWARE LLC
. DEFINITE

. AHP (Analytic Hierarchy Process) Calculation software by CGI
. USAGE: Calculation (Software): Weights of AHP
. MULINO-DSS software

. HIPRE 3

Web-HIPRE

. Joint Gain

. Logical Decisions Portfolio v6.2

Logical Decisions for Windows v6.2

. Mind Decider

. Select Best Voll version

. Open Decision Maker

. Right Choice DSS

. Select Pro

. AHP project

. AHP with Qualica planning Suit

. AHP Decision

. Choice Results
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29. M-AHP

30. Vanguard System

31. MVLSoft Very Good Choice
32. ANOVA

2.15.2 Point Allocation Method

Two softwares which support point allocation weighting method found in the lit-
erature. These are:

1. 1000 Mind
2. QUALIFLEX

2.15.3 Ranking Method

Four softwares were supporting ranking method. These are:

1. Logical Decision
2. QUALIFLEX

3. Select Pro

4. RPM decision

2.15.4 Rating Method

Three softwares were supporting rating weighting method. These softwares are:

1. 1000 Mind
2. Criterium DecisionPlus
3. MULINO-DSS software

2.15.5 SMART Weighting Method

From detail review of literature and internet browsing, Kamal (2012) found seven
softwares which were supporting SMART weighting method and these include:

1. 1000 Mind
2. Criterium® Decision Plus
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HIPRE 3
Win Pre
Web-HIPRE
Equity3
MACBETH

2.15.6 SWING Weighting Method

A large number of commercial softwares were available in the literature that were
found supporting SWING weighting method. These include:

— e e e e e e e
T S

NN RPN =

V.IS.A

1000 Mind

Logical Decision

Win Pre

Web-HIPRE

Tree Top

RICH Decisions

Promax 2010 Standard

QMms (Quantitative Methods for Management Science)
Logical Decisions Portfolio v6.2

. Logical Decisions for Windows v6.2

MindDecider

. IDS (Intelligent Decision System)
. Hiview3

. Equity3

. Analytica 4.2

RISK

2.15.7 Trade-off Weighting Method

Only two softwares were available in literature that was supporting trade-off
weighting method, which are:

1.
2.

MULINO-DSS software
Criterium Decision Plus
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2.15.8 Delphi Method

57

For Delphi weighting method, only one software was found in the literature, which

182

1. Delphi Decision Aid

2.15.9 Revised SIMOS Procedure

Revised SIMOS weighting method was supported by only one software which is:

1. SRF software

Kamal (2012) summarized all available softwares for each weighting method.
Table 2.10 shows how many softwares were available for some specific popular

weighting methods.

Based on the availability of number of softwares, Kamal (2012) provided
ranking of weighting methods (popularity of weighting methods) as follows:

Pairwise Comparison > SWING > SMART > Ranking method > Rating
Method > Trade-Off = Point Allocation > Delphi Method = Revised SIMOS
Procedure (where >’ is ‘better than’).

2.16 Advantages and Disadvantages of Weighting Methods

Kamal (2012) summarizes advantages and disadvantages of some popular
weighting methods. The advantages and disadvantages are presented as below for

the each weighting method.

Table 2.10 Distribution of
number of softwares against
each weighting method

Weighting method

Number of softwares

Delphi method

1

Direct weighting method 5
Pairwise comparison 32
Point allocation method 2
Ranking method 4
Rating method 3
Revised SIMOS procedure 1
SMART 7
SWING 17
Trade-off 2
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2.16.1 Pairwise Comparison

Advantages

1. Pairwise comparison is useful when the decision maker is unable to rank the
alternatives holistically and directly with respect to a criterion.

2. This method is easy to calculate. The results are clear, and especially distinctive
for issues about qualitative factors which are used for decision making or
evaluation.

3. The Pairwise comparisons method is often used as an intermediate step in multi-
criteria decision making, when the decision maker (DM) is unable to directly
assign criteria weights or scores of alternatives.

4. Pairwise comparison can be effective because it forces the decision makers to
give through consideration to all elements of decision problem (Hajkowicz et al.
2000).

5. Pairwise comparison is commonly used to estimate preference values of finite
alternatives with respect to a given criterion.

6. In the pairwise comparison prioritization process it is also assumed that DMs are
able to express the strength of their preferences by providing additional cardinal
information.

7. This methodology is found to be the most user transparent and scientifically
sound methodology for assigning weights representing the relative importance
of criteria.

Disadvantages

1. Pairwise comparisons suffer from two major shortcomings. First, many do not
allow participants to explicitly convey a sense of distance in their choices, since
participants are usually asked to simply select an attribute from a pair. Second,
the complexity of comparing items in pairs can be quite high for large attribute
sets, usually resulting in conflicting choices and lack of transitivity.

2. There is inconsistency at DM’s idea in pairwise comparison and it increases
either by higher number of attributes or judging the important degree.

3. The main difficulty is to reconcile the inevitable inconsistency of the pairwise
comparison matrix elicited from the decision makers in real-world applications.

4. The Pairwise comparison is used to derive weights for Analytical hierarchy
process. As the size (n) of the hierarchy increases, the number of Pairwise
comparisons increases rapidly. The completion of n(n — 1)/2 comparisons (quite
high in realistic problems) can become a very difficult task for the decision
maker when applied to all levels of the hierarchy.

5. The pairwise comparison is seems to be insufficient and imprecise to capture the
right judgments of decision-maker(s) with vagueness and uncertainty of data.

6. In many real world applications, human pairwise judgment is highly ambiguous
and uncertain.

7. Pairwise comparison is an important step in AHP to be completed by the
experts. However, AHP is widely criticized for such tedious process especially
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when a large number of criteria or alternatives are involved. Someone may
doubt the expert judgments because people are very likely to feel tired and lose
patience during this process and therefore, they may not make their judgments
conscientiously. They may change their minds frequently in order to ascertain
the acceptance of the consistency ratio (CR) value as well as shorten the whole
process. To avoid such drawback, only reasonable and manageable amounts of
criteria are contained in the model and the author of this study has acted as a
facilitator to take over the judgment process (Lee and Chan 2008).

2.16.2 Simple Multi-attribute Rating Technique (SMART)

Advantages

1.

10.

11.

The Simple Multi-attribute Rating Technique (SMART) can be used to quickly
obtain a total weighted score (Huang 2011).

SMART is one of the most applicable MCDM methods, and since the majority
of the panelists’ were not familiar with MCDM methods, the method had to be
simple (Yeh and Chang 2009).

. SMART method is easy to modify when the number of impact categories

increased (Yeh and Chang 2009).

The SMART approach utilizes ratio-scales to assess panellists’ preferences
(Yeh and Chang 2009).

SMART is a useful technique since it is simple, straightforward and requires
less time in decision making that is quite important for those involved in the
decision-making process (Gu et al. 2012).

In SMART, changing the number of alternatives will not change the decision
scores of the original alternatives and this is useful when new alternatives are
added (Chen and Hou 2004; Panagopoulos et al. 2012).

. Using SMART in performance measures can be a better alternative than other

methods (Gu et al. 2012).

The SMART is popular because its analysis incorporates a wide variety of
quantitative and qualitative criteria (Chen and Hou 2004).

SMART has been successfully applied in MCDM problems, this approach is
ineffective when dealing with the inherent imprecision of linguistic valuation in
the decision-making (Gu et al. 2012; Chen and Hou 2004).

The advantage of the smart model is that it is independent of the alternatives
(Panagopoulos et al. 2012; Afshar et al. 2011).

The nontechnical participants especially felt that SMART was easier to
understand as compared to Trade-off method (Dai et al. 2012).
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Disadvantages

1. It has been stressed that the comparison of the importance of the attributes is
meaningless, if it does not reflect the consequence ranges of the attributes as
well (Von Winterfeldt and Edwards 1986).

2. One of the limitations of this technique is that it ignores the interrelationships
between parameters (Demirci et al. 2009).

3. The ratings of alternatives are not relative; changing the number of alternatives
considered will not in itself change the decision scores of the original alterna-
tives (Valiris et al. 2005).

4. Due to the large number of attributes, we determined that the SMARTS method
would be too difficult to implement and defend (Benzerra et al. 2012).

2.16.3 Point Allocation Method

Advantages

1. The key advantage of fixed point scoring/Point Allocation Method is that it
forces decision makers to make trade-offs in a decision problem (Deng et al.
2000).

2. Through fixed point scoring/Point Allocation (PA) Method it is only possible to
ascribe higher importance to one criterion by lowering the importance of
another. Fixed point scoring/Point Allocation Method is the most direct means
of obtaining weighting information from the decision maker (Deng et al. 2000).

3. It requires the least amount of operations to transform information supplied by
the decision maker into a weights vector satisfying the requirements mentioned
earlier (Deng et al. 2000).

4. According to using a simple PA system or other technique probably works well
with a small number of attributes (Mustajoki et al. 200).

5. The weights elicited by Point allocation method were more reliable than those
elicited by direct rating in a test-retest situation (Von Winterfeldt and Edwards
1986).

Disadvantages

1. The point allocation method/Fixed point scoring is a more difficult task since it
is easier to take 100 as the weight for the most important attribute and then to
allocate weights relative to this 100 starting point as the weight of successive
attributes. The decision maker has no need to worry about the constraint that the
total must be some specified value. Since the set of cognitive operations required
to use the two methods is different, there is every possibility that different
decision weights will result (Demirci et al. 2009).
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2.

Although this method of determining weights and the direct rating method
would seem to be minor variants of each other, however, in practice they
produce different profiles of decision weights (Demirci et al. 2009).

. It is a difficult task for the decision maker to ascribe higher importance to one

criterion by lowering the importance of another which requires careful con-
sideration of the relative importance of each criterion (Deng et al. 2000).

2.16.4 Revised SIMOS’ Procedure

Advantages

1.

2.

The revised SIMOS’ procedure is simple and easy to use, requiring little
computational effort, thus increasing its applicability (Fontana et al. 2011).

It is shown to be efficient when evaluating alternatives on qualitative attributes
when applying an additive method (Fontana et al. 2011).

. Revised SIMOS’ procedure to minimize the rounding off errors when the nor-

malized criteria weights are calculated (Fontana et al. 2011).
The ‘Revised SIMOS’ Procedure’, the technique used to collect information on
weights, proved to be well accepted by all participants (Ozcan et al. 2011).

. SIMOS’ technique allows any DM (not necessarily familiarized with multi

criteria decision aiding) to think about and express the way in which he wishes
to hierarchies the different criteria of a family “F” in a given context. This
procedure also aims to communicate to the analyst the information he needs in
order to attribute a numerical value to the weights of each criterion of “F”.
The procedure has been applied to different real-life contexts; it proved to be
very well accepted by DMs and we believe that the information obtained by this
procedure is very significant from the DM’s preference point of view.

The software developed allows not only an easy collection of different data sets
but also a quick processing of the information thus obtained.

In multi criteria decision aiding contexts, the new procedure and the software
can also be used to adapt or convert a scale of a given criterion into an interval
scale or a ratio scale.

Disadvantages

1.

2.

In Revised SIMOS’ procedure, interval scale evaluation is required (Fontana
et al. 2011).

In cases where the DM’s spontaneous response to the question ‘How many
times more important is the most important PM (or group of PMs), relative to
the least important PM (or group of PMs)?’ differs substantially from the total
number of cards used (including blank cards), the calculated normalized weights
of PMs shows a distortion of the original PM rank order expressed by the DM
(Ozcan et al. 2011).
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. It is suggested that identify whether the DM’s understanding of this scale (with

blank cards inserted) would be a ranking order or a ratio scale (Ozcan et al.
2011).

It can occasionally process some criteria that have the same importance in an
uncontrolled manner (Chen and Zhang 2010).

. Similar to the AHP method, there is no reference made to criteria scales and

therefore certain combinations of weights may be excluded (Chen and Zhang
2010).

2.16.5 Trade-off Weighting Method

Advantages

1.

Its advantage is the strong theoretical foundation (Taylor and Ryder 2003).

2. Trade-off method does not require a person to assign weights to, nor state

relative importance of, the attributes or criteria directly. Instead, it asks one to
state how much compromise he is willing to make between two attributes or
criteria when an ideal combination of the two is not attainable.

. Some weighting methods derive weights from trade-offs decision makers are

willing to make. Such weights are likely to be theoretically valid (Hajkowicz
et al. 2000).

A common feature of AHP and SMART methods is that they rely on ratio
comparisons about the “relative importance” of attributes, although the resulting
weights are not explicitly linked to unit changes in the component value
functions. To avoid this shortcoming, several authors have recommended the
use of the trade-off method (Delgado-Galvan et al. 2010).

Disadvantages

1.

2.

In practice, the trade-off method is difficult and time consuming to use compared
with the other methods (Fatthi and Fayyaz 2010).

The trade-off method was considered more difficult and some participants had
real problems understanding the underlying logic behind it (Chang et al. 2010).

. The elicitation of these exact weights imposes a level of precision that is often

absent in people’s minds (Morais and Almeida 2010).
DM may find difficulty in giving precise responses to the trade-off questions
(Delgado-Galvéan et al. 2010).
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2.16.6 Delphi Method

Advantages

1.

2.

A key advantage of the approach is that it avoids direct confrontation of the
experts (Afshar et al. 2011).
A benefit to theory building derives from asking experts to justify their rea-
soning (Afshar et al. 2011).

. Delphi researchers employ this method primarily in cases where judgmental

information is indispensable, and typically use a series of questionnaires inter-
spersed with controlled opinion feedback (Afshar et al. 2011).

The Delphi method, a consensus-building tool, is a promising process to pro-
mote and encourage involvement from all stakeholders during the evaluation
framing process (Dai et al. 2012).

. The Delphi method removes geographic challenges and time boundaries

allowing all stakeholders to participate (Dai et al. 2012).

The most important advantage of the Delphi method is that it leads to a group
decision. Group decisions have many merits such as the avoidance of the
extreme judgment of individual assessors (Chou et al. 2008).

Disadvantages

1.

It has some limitations including the potential of falling victim to the band
wagon effect. Dominant personalities can unduly influence the face-to-face
group (Anagnostopoulos and Petalas 2011).

Critics have noted other limitations of the Delphi methodology: potential for
sloppy execution, crudely designed questionnaires, poor choice of panelists,
unreliable result analysis, limited value of feedback and consensus, and insta-
bility of responses among consecutive Delphi rounds.

. A further limitation, fatigue, occurs when there are a large number of topics or

questions per Delphi topic, or when questions are difficult to understand (Peng
and Zhou 2011).
It consumes high cost for conducting operation (Chou et al. 2008).

. The drawback of the Delphi method is that it is very time-consuming and

expensive due to more than one round being needed (Chou et al. 2008).

2.16.7 SWING Method

Advantages

1.

Swing Weight Matrix was very useful to assess, explain, and defend weights.
The Swing Weight Matrix Method provided an efficient and effective means to
discuss, assess, brief, and explain the attribute weights (Von Winterfeldt and
Edwards 1986).
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. We believe this method has four advantages over traditional weighting methods.

First, it develops an explicit definition of importance. Second, it forces explicit
consideration of the variation of measures. Third, it provides a framework for
consistent swing weight assessments. Fourth, it provides a simple yet effective
framework to present and justify the weighting decisions (Von Winterfeldt and
Edwards 1986).

. Swing method overcomes many of the problems of constant-sum ratio estima-

tion; is relatively simple, transparent and easy to use; and produces weights
which are practically indistinguishable from indifference methods (Demirci et al.
2009).

. The swing weights technique is more parsimonious than techniques that involve

Pairwise comparisons like AHP when many (>4) criteria need to be weighted
(Valiris et al. 2005).

. The Swing method uses a reference state in which all attributes are at their worst

level and let the interviewee assign points to states in which one attribute moves
to the best state. The weights are then proportional to these points (Hayashi
2000).

It is fairly fast and interviewees readily give answers (Hayashi 2000).
Another advantage of the Swing method is that it does not depend on the shape
of the value functions of the sub-objectives. Only the attribute ranges must be
known and the levels of the best and worst outcomes (in most cases corre-
sponding to the endpoints of the ranges). This makes it possible to elicit weights
prior to assessment of the value functions of the sub-objectives, which can
reduce the splitting bias, as mentioned below (Hayashi 2000).

The subjects of this study found the swing weighting method relatively easy to
follow, although most participants indicated that they would have preferred
further explanation (Hamaéldinen and Alaja 2008).

The SWING method is of intermediate complexity and was found by partici-
pants to be relatively easy to use, making its employment in questionnaire
survey appropriate (Himaildinen and Alaja 2008).

Disadvantages

1.

2.

Swing method holds the risk that people respond without thoroughly consid-
ering the consequences of their answers (Hayashi 2000).

The disadvantages are that the technique is based on direct rating, it does not
include consistency checks, and the extreme outcomes to be compared may not
correspond to a realistic alternative, which makes the questions difficult to
answer.

. In terms of external validity, assessed by comparing the participant weights with

weights externally elicited from experts by comparing with Tradeoff method, the
Trade-off method performed better than swing weighting (Hédméldinen and Alaja
2008).
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2.16.8 Entropy Method

Advantages

1.

Entropy method can computes unbiased relative criteria weights, entropy
approach enables measuring the source and determining the relative weights of
criteria (W1, W, ..., Wy,) in rather simple and straightforward manner (Srdjevic
et al. 2004).

. Entropy approach has been proved as sufficiently reliable in identifying both

contrast intensity and conflict of criteria and computing their weights appro-
priately (Srdjevic et al. 2004).

. It suggests if the available information is adequate or not and if not, then

additional information should be sought. In this way it brings the model, the
modeller, and the decision-maker closer (Singh 2000).

It permits a quantitative assessment of efficiency and benefit/cost parameters
(Singh 2000).

. The entropy method for determination of weight considers adequately the

information of values all the monitoring sections provided to balance the rela-
tionship among numerous evaluating objects. This weakens the bad effect from
some abnormal values and makes the result of evaluation more accurate and
reasonable.

The entropy method for determination of weight is a very effective method for
evaluating indicators.

. The traditional entropy method focuses on the discrimination among data to

determine attribute weights. If an attribute can discriminate the data more
effectively, it is given a higher weight.

The Entropy method produces more divergent coefficient values for all the
criteria. We regard this phenomenon as favourable to the Entropy method as it
can better resolve the inherent conflict between the criteria embedded in Multi-
attribute decision problems (Diakoulaki et al. 1995).

Disadvantages

1.

Its possible disadvantage is related to proper problem sizing, i.e. preserving that
the decision matrix contains sufficiently large set of alternatives (Srdjevic et al.
2004).

. It does not seem that considering the weights only based on entropy values

without expert judgment would be sufficient.

. The weights of attributes determined by the Correlation coefficient and Standard

deviation (CCSD) method are more comprehensive and convincing than entropy
weights. The former considers not only the amount of information each attribute
contains, but also the impact of each attribute on decision making; while the
latter takes no account of the mutual relationships among attributes (Mustajoki
et al. 2004).

. The entropy technique does not give scope to designer’s preferences.
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General purpose MADM techniques, such as entropy, could not effectively
model public sector university ranking decision problems. Such decision
problems require a new methodology to be developed.

2.16.9 Rank Ordering Centroid

Advantages

1.

The key advantage of ROC Methodology is its simplicity in surveying.

. ROC is simple and easy to follow (Chang et al. 2010).
. ROC weights represent excellent trade- offs between ease of assessment and

efficacy of selection of the best or near best alternative (Morais and Almeida
2010).

. ROC weights possess other attractive properties. The best ROC alternative has

the highest average value over the entire weight simplex, and ROC is the
expected value of the weight distribution consistent with the information. Of
greater usefulness is the fact that ROC is a specific example of Centroid weights
(CW), which generalizes to any convex weight set specified by linear equalities
in the unspecified weights (Morais and Almeida 2010).

. This method is a simple way of giving weight to a number of items ranked

according to their importance. The decision makers usually can rank items much
more easily than give weight to them.

The four methods (RS, RR, ROC, and EW) are compared by using a simulation
study and report that the ROC weights appear to perform better than the other
approximate weights. They have also shown that the ROC weights are given by
the arithmetic mean of the extreme points of ranked weights (Morais and
Almeida 2010).

A common conclusion of these studies is that ROC weights have an appealing
theoretical rationale and appear to perform better than the other rank-based
schemes in terms of choice accuracy.

Disadvantages

1.

The weights which are given by ROC are highly dispersed (Chang et al. 2010).

2.16.10 CRITIC Method

Advantages

1.

The weights derived incorporate both contrast intensity and conflict which are
contained in the structure of the decision problem (Jahan et al. 2012).
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2. The method developed is based on the analytical investigation of the evaluation
matrix for extracting all information contained in the evaluation criteria (Jahan
et al. 2012).

3. The method can be easily converted into an algorithmic form (Jahan et al. 2012).

4. The weights derived from the method CRITIC proposed in this paper are found
to embody the information which is transmitted from all the criteria participating
in the multi-criteria problem. In addition objective weights offer an insight into
the nature of the dilemmas created by the existence of conflicting criteria and
enable the incorporation of interdependent criteria (Jahan et al. 2012).

Disadvantages

1. CCSD method such as no specific requirement of normalization formulations,
clearer modeling mechanism than the CRITIC method (Mustajoki et al. 2004).



Chapter 3
Research Methodology and Results

3.1 Introduction

In this chapter we have provided details on the survey completed with postgraduate
and undergraduate students registered in course Water Resources Management
(MAL1023) and Integrated Water Resources Management (SAB4613) in Semester
1, Session 2012 at Faculty of Civil Engineering, Universiti Teknologi Malaysia.
The aim of the survey was to know which weighting method was more simple in
administration and was producing relatively more reliable set of criteria weights.
Here we stress that the sample size for conducting the survey was limited and may
not satisfy some sampling standards and guidelines. Therefore, the results of the
survey are only applicable for the project scope and objectives and beyond this the
proposed methodology can be tested with larger number of survey participants
where it is likely that the different sets of criteria weights may be obtained. The
details of the survey are presented in the subsequent sections of this chapter.

3.2 Methodology

In order to demonstrate weighting procedure and to get different sets of criteria
weights from the use of ranking and rating weighting methods, we hypothesized a
watershed for which management plan was to be developed. Watershed manage-
ment criteria were selected from literature and these criteria were short listed based
on these yard-sticks: (1) the selected criterion must change in time and space; (2) it
should be measurable; (3) it should be understandable to all stakeholders; (4) the
criterion should be relevant to watershed management; (5) the criterion should be
simple to implement (if needed to do so), etc. After short-listing the watershed
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Table 3.1 Short-listed

Criteria | Watershed management criteria
watershed management

criteria that were used in a 1 Provide good water quality
survey 2 Provide good habitat for fish and aquatic species

3 Provide economic development incentives

4 Provide adequate flood control

5 Provide high quality of life by increasing green
space

6 Provide adequate protection from droughts

7 Controlling soil erosion

8 Protect natural/cultural heritage and forests

9 Promote recreational activities

10 Protection of sensitive lands (e.g. flood plains and
valley lands)

11 Efficient use of resources (land and water)

12 Balancing ecological, economic and social inter-
ests of watershed

13 Improve water supply reliabilities to inhabitants

14 Improve nutrient management

15 Protect woodlands, wetlands and habitats

16 Protect life and property from natural hazards

17 Safeguarding rivers, lakes and streams

18 Improve groundwater and surface water quantity

and quality

management criteria, it was planned to develop priority ranking of these criteria
based on the stakeholders’ preferences. We state that this project was not aim to
solve any real-world problem, rather to focus on developing a comprehensive and
logical-based methodology for eliciting weights of watershed management criteria.
Later the proposed methodology may be used to solve some real-world watershed
and water resources problems. Table 3.1 provides list of eighteen short-listed
watershed management criteria which we used in survey for developing their pri-
ority ranking from stakeholders’ responses.

Postgraduate and undergraduate students of Faculty of Civil Engineering, Uni-
versiti Teknologi Malaysia participated in the survey. The survey questionnaire was
designed in a way where biasness was eliminated or minimized. We split watershed
management criteria into three groups and changed their order in the questionnaire
for different groups of respondents.

A procedure for obtaining weights for the selected watershed management cri-
teria is shown in a schematic diagram depicted in Fig. 3.1.
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Fig. 3.1 Proposed weighting methodology

3.3 Survey Questionnaire

Decision Making
Tool

The survey questionnaire was consisted of five questions. In the first question, the

survey participants were asked to allocate points to different criteria based on their

importance in watershed management. For example in one set of questions the

survey participants were asked to choose ‘the most important’ criterion first and
give rating 100 to it. The rest of criteria can be given 0-99 points according to their

importance in watershed management plan development. The full questionnaire is
shown below along with the statements at the beginning of each question.

Question-1 Statement
Please identify the MOST important watershed management criterion from
the list below and give it a rating of 100. Next, rate each of the other criteria
in turn on a scale of 0-99, to indicate how important they would be compared
to the MOST important criterion in YOUR decision. A high rating score
means that the criterion would be important.

Rating

Criteria code Watershed management criteria

C-1 Provide good water quality

C-2 Provide good habitat for fish and aquatic species

C-3 Provide economic development incentives

C-4 Provide adequate flood control

C-5 Provide high quality of life by increasing green space

(continued)
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(continued)
Criteria code Watershed management criteria Rating
C-6 Provide adequate protection from droughts
C-13 Improve water supply reliabilities to inhabitants
C-14 Improve nutrient management
C-15 Protect woodlands, wetlands and habitats
C-16 Protect life and property from natural hazards
C-17 Safeguarding rivers, lakes and streams
C-18 Improve groundwater and surface water quantity and quality

Question-2 Statement

Please identify the LEAST important criterion from the list below and give it
a rating of 10. Next, consider each of the other criteria in turn and indicate
how important they would be compared to the LEAST important criterion in
YOUR decision. All ratings should be greater than 10. (For example, if X
were 15 times as important as Y, the least important criterion, you would give
X a rating of 150).

Criteria code Watershed management criteria Rating
C-1 Provide good water quality

C-2 Provide good habitat for fish and aquatic species

C-3 Provide economic development incentives

C-4 Provide adequate flood control

C-5 Provide high quality of life by increasing green space

C-6 Provide adequate protection from droughts

C-13 Improve water supply reliabilities to inhabitants

C-14 Improve nutrient management

C-15 Protect woodlands, wetlands and habitats

C-16 Protect life and property from natural hazards

C-17 Safeguarding rivers, lakes and streams

C-18 Improve groundwater and surface water quantity and quality

Question-3 Statement

Please identify the MOST important watershed management criterion from
the list below and give it a rating of 100. Next, rate each of the other criteria
in turn on a scale of 0-99, to indicate how important they would be compared
to the MOST important criterion in YOUR decision. A high rating score
means that the criterion would be important.
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Criteria code Watershed management criteria Rating

C-1 Provide good water quality

C-2 Provide good habitat for fish and aquatic species

C-3 Provide economic development incentives

C-4 Provide adequate flood control

C-5 Provide high quality of life by increasing green space

C-6 Provide adequate protection from droughts

C-7 Controlling soil erosion

C-8 Protect natural/cultural heritage and forests

C-9 Promote recreational activities

C-10 Protection of sensitive lands (e.g. flood plains and valley lands)

C-11 Efficient use of resources (land and water)

C-12 Balancing ecological, economic and social interests of watershed
Question-4 Statement
Please identify the LEAST important criterion from the list below and give it
a rating of 10. Next, consider each of the other criteria in turn and indicate
how important they would be compared to the LEAST important criterion in
YOUR decision. All ratings should be greater than 10. (For example, if X
were 15 times as important as Y, the least important criterion, you would give
X a rating of 150).

Criteria code Watershed management criteria Rating

C-1 Provide good water quality

C-2 Provide good habitat for fish and aquatic species

C-3 Provide economic development incentives

C-4 Provide adequate flood control

C-5 Provide high quality of life by increasing green space

C-6 Provide adequate protection from droughts

C-7 Controlling soil erosion

C-8 Protect natural/cultural heritage and forests

C-9 Promote recreational activities

C-10 Protection of sensitive lands (e.g. flood plains and valley lands)
C-11 Efficient use of resources (land and water)

C-12 Balancing ecological, economic and social interests of watershed
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Question-5 Statement

Please assign rank-order to the following watershed management targets/
criteria according to their importance in managing watersheds. Most impor-
tant criterion should be assigned with Rank-1 and the second most important
criterion with Rank-2 and so on. The least important criterion should be given
Rank-18.

Criteria code Watershed management criteria Rank
C-1 Provide good water quality

C-2 Provide good habitat for fish and aquatic species

C-3 Provide economic development incentives

C-4 Provide adequate flood control

C-5 Provide high quality of life by increasing green space

C-6 Provide adequate protection from droughts

C-7 Controlling soil erosion

C-8 Protect natural/cultural heritage and forests

C-9 Promote recreational activities

C-10 Protection of sensitive lands (e.g. flood plains and valley lands)
C-11 Efficient use of resources (land and water)

C-12 Balancing ecological, economic and social interests of watershed
C-13 Improve water supply reliabilities to inhabitants

C-14 Improve nutrient management

C-15 Protect woodlands, wetlands and habitats

C-16 Protect life and property from natural hazards

C-17 Safeguarding rivers, lakes and streams

C-18 Improve groundwater and surface water quantity and quality

3.4 Questionnaire Administration

We administered the questionnaire to two different groups of students. One group
was consisted of postgraduate (Masters by Coursework) students registered in
Water Resources Management course (MAL1023) and other group was consisted
of undergraduate students (Final Year Civil Engineering) registered in course
Integrated Water Resources Management (SAB4613). The following section pro-
vides analysis of survey data collected from 15 students of postgraduate students
(MAL1023). Data analysis of undergraduate students (SAB4613) is given in the
subsequent sections of this chapter.
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3.4.1 Postgraduate Survey Data Analysis

A total of 15 postgraduate students were asked to participate in the survey and fill
the questionnaire. The project leader explained the objectives of the survey to the
survey participants well before conducting the survey. All participants were
explained about each and every watershed management criteria included in the
survey questionnaire. They were asked whether they understood the questionnaire.
Once all agreed on the contents and meaning of the questionnaire and watershed
management criteria, the participants were asked to complete the questionnaire.
They were given 5 min for each of the five questions included in the questionnaire.
This survey was completed on 5th April, 2012. The survey data analysis and results
for the postgraduate students group is given as below. Responses of the post-
graduate students and undergraduate students on five questions are shown in
Appendix A. As an example, we have presented only two responses one from
postgraduate group and one from undergraduate group (Tables 3.2 and 3.3).

Preferences of all postgraduate and undergraduate students on all watershed
management criteria for all five questions of the questionnaire are given in
Appendix B. However, as an example, the preferences of respondents for only
Question-1 of the questionnaire are given in Tables 3.4 and 3.5.

Table 3.2 Postgraduate 1 (PG1) preferences on five questions of the survey questionnaire

Criteria code Question-1 Question-2 Question-3 Question-4 Question-5
C-1 90 120 80 120 4
C-2 80 100 70 80 12
C-3 70 50 50 60 15
Cc4 50 50 50 50 17
C-5 50 30 60 50 16
C-6 50 10 50 10 18
C-7 80 100 11
C-8 90 80 13
C-9 70 60 14
C-10 90 150 6
C-11 100 150 2
C-12 90 150 7
C-13 60 90 8
C-14 60 90 9
C-15 100 150 1
C-16 80 120 10
C-17 90 120 3
C-18 70 100
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Table 3.3 Undergraduate 1 (UG1) preferences on five questions of the survey questionnaire

Criteria code Question-1 Question-2 Question-3 Question-4 Question-5
C-1 100 200 100 200 1
C-2 70 80 53 10 15
C-3 79 120 68 50 11
Cc4 78 111 64 16 13
C-5 72 90 70 32 12
C-6 77 110 63 15 14
C-7 99 180 3
C-8 98 160 4
C-9 73 78 10
C-10 84 90 8
C-11 92 120 5
C-12 80 81 9
C-13 84 150 6
C-14 82 145 7
C-15 65 20 16
C-16 59 10 18
C-17 63 15 17
C-18 98 180 2

3.5 Weights for the Watershed Management Criteria

In the survey questionnaire the respondents were asked to show their preferences
for all eighteen watershed management criteria by using five different approaches.
In Question-1, the respondents were asked to assign 100 points to the most
important criterion and the rest of criteria may be given points 1-99 according to
their importance in watershed management plan. We evaluated the survey
responses of postgraduate and undergraduate groups in combination of all five
questions as well as for each question separately. These weights were later
aggregated to get overall weights of all watershed management criteria.

Similarly, respondents’ preferences on different watershed management criteria
were evaluated for Questions-2, 3, 4 and 5.

It can be seen from criteria weights shown in Tables 3.6, 3.7, 3.8, 3.9, 3.10, 3.11,
3.12, 3.13, 3.14 and 3.15 that some weighting methods were producing criteria
weights with a large range (difference between maximum criterion weight and
minimum criterion weight) and other producing weights in narrow range. For
example, in Question-1 where survey participants were asked to show their pref-
erences on watershed management criteria by allocating 100 points to the ‘most
important’ criterion and assign points between 1 and 99 for the second most
important criterion and so on. It was found that this type of weighting method
produced criteria weights which were very close and in a narrow range which
making difficult for decision-makers to choose the most important criteria for
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Table 3.6 Criteria weights obtained from postgraduate group responses for Question-1

Criteria Aggregate Rank Weights Max. and min. weights
code rating order (%)

C-1 1,350 1 11.5 Maximum weight = 11.5 %
C-2 965 6 8.2

C-3 897 9 7.7

C-4 995 5 8.5 Minimum weight = 6.0 %
C-5 901 8 7.7

C-6 820 11 7.0

C-13 946 7 8.1

C-14 706 12 6.0 Difference between max. and min.
C-15 1,021 4 8.7 weight = 5.5 %

C-16 885.5 10 7.6

C-17 1,039 3 8.9

C-18 1,173 2 10.0

Table 3.7 Criteria weights obtained from undergraduate group responses for Question-1

Criteria Aggregate Rank Weights Max. and min. weights
code rating order (%)

C-1 1,396 1 11.5 Maximum weight = 11.5 %
C-2 1,087 5 9.0

C-3 709 12 5.9

C-4 879 8 73 Minimum weight = 5.9 %
C-5 809 10 6.7

C-6 810 9 6.7

C-13 1,181 3 9.7

C-14 798 11 6.6 Difference between max. and min.
C-15 1,277 2 10.5 weight = 5.6 %

C-16 967 7 8.0

C-17 1,036 6 8.6

C-18 1,165 4 9.6

further consideration. This type of weighting method was giving limited opportu-
nity to the participants to show their preferences on the available watershed man-
agement criteria. On the other hand, when the survey participants were asked to
select ‘least important’ criterion and assign 10 points and other important criteria
would get multiple of 10 points (Questions 2 and 4). The difference between
maximum and minimum weights under this weighting method resulted in a larger
difference, which ultimately resulted in a larger range of criteria weights. This
weighting method provided opportunity to the survey participants by making them
more flexible in deciding which criterion was important compared to the other one.
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Table 3.8 Criteria weights obtained from postgraduate group responses for Question-2

Criteria Aggregate Rank Weights Max. and min. weights
code rating order (%)

C-1 8,300 1 28.9 Maximum weight = 28.9 %
C-2 2,895 3 10.1

C-3 1,380 8 4.8

C-4 3,465 2 12.1 Minimum weight = 2.8 %
C-5 1,030 10 3.6

C-6 795 12 2.8

C-13 2,150 7 7.5

C-14 910 11 32 Difference between max. and min.
C-15 2,268 4 7.9 weight = 26.1 %

C-16 1,210 9 42

C-17 2,160 6 7.5

C-18 2,189 5 7.6

Table 3.9 Criteria weights obtained from undergraduate group responses for Question-2

Criteria Aggregate Rank Weights Max. and min. weights
code rating order (%)

C-1 2,455 1 15.4 Maximum weight = 15.4 %
C-2 1,370 6 8.6

C-3 778 11 4.9

C-4 926 8 5.8 Minimum weight = 4.3 %
C-5 873 10 55

C-6 682 12 43

C-13 1,490 5 9.3

C-14 910 9 5.7 Difference between max. and min.
C-15 2,125 2 13.3 weight = 11.1 %

C-16 1,085 7 6.8

C-17 1,520 4 9.5

C-18 1,775 3 11.1

Ranking method was used in Question-5 only. The weights resulted from applying
this method in the survey also produced a narrow range of weights. Therefore, the
study reveal that the weighting method introduced in Question-2 and Question-4
was resulting better sets of criteria weights and should be preferred in stakeholders’
survey on watershed management criteria. However, we should emphasize that this
conclusion may further be verified in a larger sample size before it could be
implemented in solving a real-world problem related to watershed or water
resources management problems.
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Table 3.10 Criteria weights obtained from postgraduate group responses for Question-3

Criteria Aggregate Rank Weights Max. and min. weights
code rating order (%)

C-1 1,350 1 11.5 Maximum weight = 11.5 %
C-2 933 8 8.0

C-3 860 10 7.3

C-4 1,040 4 8.9 Minimum weight = 5.0 %
C-5 905 9 7.7

C-6 850 11 7.3

C-7 1,088 3 9.3

C-8 965 7 8.2 Difference between max. and min.
Cc-9 585 12 5.0 weight = 6.5 %

C-10 1,031 5 8.8

C-11 973 6 8.3

C-12 1,131 2 9.7

3.6 Summary on Criteria Weights

This section provides summary of all the three weighting methods which we
applied in the survey for assigning weights to the watershed management criteria.
We changed position of criteria in the questionnaire to eliminate biasness in the
questionnaire on the watershed management criteria (Tables 3.16, 3.17, 3.18 and
3.19).

The survey results reveal that the both groups of respondents’ overwhelmly
preferred “provide good water quality” criterion for developing watershed man-
agement plan. They gave second top priority to “efficient use of resources” criterion
with assigning 10.5 % of weights. On the other side, survey participants placed
“promote recreational activities” as the least important criterion for developing
watershed management plan. The survey respondents thought that the criteria C-3,
C-4, and C-5 are equally important for the watershed management plan and
assigned 8.9 % weights to these criteria. It is important to mention that these three
criteria may further be investigated and replaced with some other most important
criteria in future studies so that a better watershed management plan can be
developed.

In order to know how many respondents were consistent in their responses while
filling out the questionnaire, we evaluated the respondents’ responses in a way that
Q-1 and Q-2 responses and Q-3 and Q-4 responses for each group of survey
participants were combined and their consistency was calculated. We found that
undergraduate group was slightly more consistence in the responses with
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Table 3.11 Criteria weights obtained from undergraduate group responses for Question-3

Criteria Aggregate Rank Weights Max. and min. weights
code rating order (%)

C-1 1,355 1 11.4 Maximum weight = 11.4 %
C-2 1,035 7 8.7

C-3 638 11 54

C-4 833 9 7.0 Minimum weight = 4.1 %
C-5 906 8 7.6

C-6 708 10 6.0

C-7 1,047 6 8.8

C-8 1,212 4 10.2 Difference between max. and min.
C-9 488 12 4.1 weight = 7.3 %

C-10 1,093 5 9.2

C-11 1,272 3 10.7

C-12 1,306 2 11.0

Table 3.12 Criteria weights obtained from postgraduate group responses for Question-4

Criteria Aggregate Rank Weights Max. and min. weights
code rating order (%)

C-1 17,860 1 40.2 Maximum weight = 40.2 %
C-2 1,865 4 42

C-3 1,390 9 3.1

C-4 5,035 3 11.3 Minimum weight = 1.1 %
C-5 1,195 11 2.7

C-6 1,330 10 3.0

C-7 1,830 5 4.1

C-8 1,755 7 3.9 Difference between max. and min.
Cc9 495 12 1.1 weight = 39.1 %

C-10 1,795 6 4.0

C-11 8,230 2 18.5

C-12 1,670 8 3.8

consistency level of 77.01 %. The postgraduate group consistency was calculated
and found as 75.82 %. Average consistency in both groups’ responses was found as
76.42 %, which was an acceptable limit. All this analysis was done to check
whether the survey participants understood the questionnaire and were having good
knowledge on the watershed management criteria. Table 3.20 reveals individual
consistency of each group (postgraduate and undergraduate).
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Table 3.13 Criteria weights obtained from undergraduate group responses for Question-4

Criteria Aggregate Rank Weights Max. and min. weights
code rating order (%)

C-1 2,050 3 12.7 Maximum weight = 13.2 %
C-2 1,215 7 7.5

C-3 625 11 39

C-4 717 10 4.5 Minimum weight = 1.8 %
C-5 865 8 54

C-6 727 9 4.5

C-7 1,640 6 10.2

C-8 2,130 1 13.2 Difference between max. and min.
C-9 293 12 1.8 weight = 11.4 %

C-10 1,765 5 11.0

C-11 1,990 4 12.4

C-12 2,086 2 13.0

Table 3.14 Criteria weights obtained from postgraduate group responses for Question-5

Criteria Sum of inverse | Rank Weights Max. and min. weights
code ranks order (%)

C-1 237 1 9.4 Maximum weight = 9.4 %
C-2 126 11 5.0

C-3 124 12 4.9

C-4 147 7 5.8

C-5 122 14 4.8 Minimum weight = 2.3 %
C-6 119 16 4.7

C-7 165 4 6.5

C-8 121 15 4.8 Difference between max. and min.
C-9 58 18 2.3 weight = 7.1 %

C-10 144 8 5.7

C-11 156 6.2

C-12 173 6.8

C-13 143 5.7

C-14 82 17 32

C-15 134 10 53

C-16 124 12 4.9

C-17 160 5 6.3

C-18 195 2 7.7
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Table 3.15 Criteria weights obtained from undergraduate group responses for Question-5

Criteria Sum of inverse | Rank Weights Max. and min. weights
code ranks order (%)

C-1 230 1 8.9 Maximum weight = 8.9 %
C-2 153 9 6.0

C-3 64 17 2.5

C4 95 15 37

C-5 100 14 39 Minimum weight = 1.2 %
C-6 73 16 2.8

C-7 144 11 5.6

C-8 189 5 7.4 Difference between max. and min.
Cc-9 31 18 1.2 weight = 7.7 %

C-10 172 8 6.7

C-11 176 6 6.8

C-12 221 2 8.6

C-13 175 7 6.8

C-14 103 13 4.0

C-15 197 3 7.7

C-16 114 12 44

C-17 144 10 5.6

C-18 190 4 74

3.7 Surveying Popular Databases for the Weighting
Methods

We reviewed literature for weighting methods by searching three popular databases
including sciencedirect, scopus, and sciverse. In this project our database search

was limited to the following criteria:

1. The period was fixed from 2000 to 2012 (13 years)

2. We searched papers in journals only (excluding books, etc.)

3. We searched only four keywords (MCDM, MCDA, MCA, MADM) for search
of multi-criteria methods in combination of specific weighting methods

4. Only searched for popular weighting methods (AHP, ranking, pairwise com-

trade-off, SWING, SMART, Least square method, Delphi,

eigenvector).

parison,

Total number of retrievals for each weighting method in combination of four
other keywords (MCDM, MCDA, MCA, MADM) are listed in Table 3.21. It was
found that the ‘ranking’ was most frequent appearing weighting method in the
sciencedirect database with total number of retrievals equal to 3,323 (last column of
Table 3.21). AHP (2,060 retrievals) was second most appearing weighting method.
Pairwise comparison was the third most appearing weighting method in the
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Table 3.18 Average criteria weights of both groups (undergraduate and postgraduate, n = 30)

Criteria Criteria weights Criteria weights | Average weights % Ranking of

code % (undergradu- % (postgradu- (undergraduate and watershed
ate group) ate group) postgraduate groups) management
n=15 n=15 n =30 criteria

C-1 12.0(1)* 20.3(1) 16.2 1

C-2 8.0(10) 7.1(8) 7.6 9

C-3 4.5(17) 5.6(14) 5.1 15

C-4 5.7(14) 9.3(3) 7.5 11

C-5 5.8(13) 5.3(15) 5.6 14

C-6 4.9(16) 4.9(16) 4.9 16

C-7 8.2(9) 6.6(10) 74 12

C-8 10.3(4) 5.7(12) 8.0 6

C-9 2.4(18) 2.8(18) 2.6 18

C-10 9.0(7) 6.2(11) 7.6 10

C-11 10.0(5) 11.0(2) 10.5

C-12 10.9(2) 6.8(9) 8.9 5

C-13 8.6(8) 7.1(7) 7.9 7

C-14 5.4(15) 4.1(17) 4.8 17

C-15 10.5(3) 7.3(6) 8.9 4

C-16 6.4(12) 5.6(13) 6.0 13

C-17 7.9(11) 7.6(5) 7.8 8

C-18 9.4(6) 8.4(4) 8.9

? Note values shown in brackets in columns 2 and 3 are ranking of criteria

sciencedirect database. On the other hand, ‘Simos procedure’ has least retrievals
(49) which show that not many researchers have used this weighting method in
their case studies. We believe that the least number of retrievals for the Simos
procedure are for its difficulty in operation and administration in field where
majority of stakeholders are generally not very good in mathematics or statistics,
etc. It should be noted that the sciencedirect database was searched during
November month of 2012 by using online services of PSZ library of Universiti
Teknologi Malaysia.

We also searched sciencedirect database for the list of journals that have been
publishing papers on different weighting methods. The keywords and the weighting
methods searched were kept similar (popular weighting methods in combination of
MCDM, MCDA, MCA, and MADM keywords). A total number of 39 journals
were retrieved from the sciencedirect database. Table 3.22 shows the list of journals
along with the number of retrievals and weight percentage. It can be seen that
‘Expert Systems with Application’ and ‘European Journal of Operational Research
were two most frequent appearing journals with total number of retrievals 1,396
(20.49 % weight) and 1,191 (17.48 % weight) respectively.
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Table 3.19 Final ranking of watershed management criteria

Final ranking of Watershed management criteria Criteria Average crite-

watershed management code ria weights

criteria (%)

1 Provide good water quality C-1 16.2

2 Efficient use of resources (land C-11 10.5
and water)

3 Improve groundwater and surface C-18 8.9
water quantity and quality

3 Protect woodlands, wetlands and C-15 8.9
habitats

3 Balancing ecological, economic C-12 8.9
and social interests of watershed

6 Protect natural/cultural heritage C-8 8.0
and forests

7 Improve water supply reliabilities C-13 7.9
to inhabitants

8 Safeguarding rivers, lakes and C-17 7.8
streams

10 Provide good habitat for fish and C-2 7.6
aquatic species

11 Protection of sensitive lands (e.g. C-10 7.6
flood plains and valley lands)

12 Provide adequate flood control C-4 7.5

13 Controlling soil erosion C-7 7.4

14 Protect life and property from C-16 6.0
natural hazards

15 Provide high quality of life by C-5 5.6
increasing green space

15 Provide economic development C-3 5.1
incentives

17 Provide adequate protection from C-6 4.9
droughts

18 Improve nutrient management C-14 4.8

19 Promote recreational activities C-9 2.6

We also analyzed the search results for each weighting method. We found that
the application of all weighting methods have increased significantly from 2000 to
year 2012. For example, AHP weighting method has total 260 retrievals for 2012
and this figure for year 2000 was just 35 (about 8 times more application in 2012
compared to year 2000). Figure 3.2 shows number of retrievals for AHP weighting
method along with four keywords (MCDM, MCDA, MCA, MADM). Figures 3.3,
34,3.5,3.6,3.7, 3.8, 3.9 and 3.10 show number of retrievals for other weighting
methods for sciencedirect database only.
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Table 3.20 Consistency in survey responses

89

Postgraduate Consistency in Undergraduate Consistency in Average con-

group PG group Group UG group sistency of
responses (%) responses (%) both groups

PG1 91.6 UGL 100.0 76.42 %

PG2 95.8 UG2 75.0

PG3 75.0 UG3 91.6

PG4 58.3 UG4 79.2

PG5 91.6 UG5 75.0

PG6 83.3 UG6 67.0

PG7 37.5 UG7 91.6

PG8 87.5 UGS 67.0

PG9 79.2 UG9 42.0

PG10 75.0 UG10 100.0

PG11 50.0 UGI11 87.5

PG12 79.2 UGI2 95.8

PG13 79.2 UG13 83.0

PG14 70.8 UGl14 63.0

PG15 83.3 UGI5 37.5

Average 75.82 Average 77.01

consistency consistency

Table 3.21 Weighting methods and number of retrievals for all keywords (MCDM, MCDA,
MCA, MADM) (sciencedirect database only)

Rank order Weighting Number of retrievals for specific weight- Column
(based on last method ing method and keyword [searching sum
column values) period = 13 years (2000-2012)]
& & & &
MCDM |MCDA |MCA |MADM
1 Ranking 1,614 680 512 517 3,323
2 AHP 1,192 364 149 355 2,060
3 Pairwise 680 264 230 157 1,331
comparison
4 Trade off 453 234 285 91 1,063
5 SMART and 244 131 363 67 805
SMARTER
6 SWING 60 65 160 10 295
7 Least square 88 25 126 27 266
method
8 Delphi method 124 32 26 41 223
9 Eigenvector 103 26 10 42 181
method
10 Simple multi- 33 20 7 10 70
attribute rating
technique
11 SIMOS 19 16 3 11 49
Procedure
Row sum 4,610 1,857 1,871 1,328 9,666
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Table 3.22 Journal versus number of search retrievals (sciencedirect database only)
Rank Journal Total retrievals (period Weight
order 2000-2012) (%)
1 Expert systems with applications 1,396 20.49
2 European journal of operational research 1,191 17.48
3 Mathematical and computer modelling 319 4.68
4 Omega 266 3.90
5 Journal of environmental radioactivity 261 3.83
6 Applied soft computing 250 3.67
7 Information sciences 242 3.55
8 Computers and operations research 235 3.45
9 Decision support systems 234 3.44
10 Energy policy 223 3.27
11 International journal of production 187 2.75
economics
12 Computers and industrial engineering 179 2.63
13 Ecological economics 171 2.51
14 Knowledge-based systems 166 2.44
15 Applied mathematical modelling 163 2.39
16 Materials and design 160 2.35
17 Environmental modelling and software 131 1.92
18 Journal of cleaner production 88 1.29
19 Fuzzy sets and systems 87 1.28
20 Renewable and sustainable energy 82 1.20
reviews
21 Science of the total environment 79 1.16
22 Automation in construction 69 1.01
23 Applied mathematics and computation 61 0.90
24 Fuel and energy abstracts 58 0.85
25 Energy 57 0.84
26 Land use policy 55 0.81
27 Nuclear instruments and methods in 55 0.81
physics research
28 Waste management 48 0.70
29 Forest ecology and management 44 0.65
30 Ecological indicators 37 0.54
31 Environmental impact assessment 35 0.51
review
32 Brain research 33 0.48
33 Computer communications 33 0.48
34 Procedia—social and behavioral 30 0.44
sciences
35 29 0.43

(continued)
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Table 3.22 (continued)

Rank Journal Total retrievals (period Weight
order 2000-2012) (%)
International journal of project
management
36 Value in health 27 0.40
37 Building and environment 15 0.22
38 Biological conservation 12 0.18
39 Ecological modelling 4 0.06
. 3004
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Fig. 3.2 Number of keywords (MCDM, MCDA, MCA, MADM) retrievals in combination of
“AHP” (sciencedirect database only)

We also analyzed the retrieval data for determining cumulative appearance of
different weighting methods in sciencedirect database. We found that there is sig-
nificant increase in trend for using MCDM short term for multi-criteria methods.
This analysis also shows that almost all weighting methods are appearing more and
more in number since 2000 which indicates that many researchers have been using
weighting methods in their multi-criteria decision analysis problems. Cumulative
number of retrievals for different keywords and weighting methods are shown in
Figs. 3.11, 3.12, 3.13, 3.14, 3.15, 3.16, 3.17, 3.18 and 3.19.

The number of retrievals of weighting methods and keywords for scopus and
sciverse databases are shown in Appendix C.
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Chapter 4
Conclusions and Recommendations

4.1 Chapter Summary

This chapter presents main findings of the research carried out under this project.
The conclusions drawn from the survey data analysis and data mining using three
main scholar databases are also presented in this chapter. Finally, recommendations
for further study and new research directions in this field of research are given at the
end of the chapter. Here, we suggest that these conclusions are based on data
analysis of only 30 respondents on watershed management criteria and data mining
by using only three scholar databases namely sciencedirect, scopus, and sciverse
using some specific keywords for different popular weighting methods and common
abbreviations generally used for representing multi-criteria decision-making
methods.

4.2 Conclusions

‘Provide good water quality’ was found the most important watershed management
criterion to the both groups (postgraduate and undergraduate students) of survey as
the aggregate weight assigned to this criterion was calculated as 16.2 %. The survey
data analysis on stakeholders’ preferences on watershed management criteria found
that ‘efficient use of land and water resources’ was the second most important
criterion to the survey participants with assigned weight equal to 10.5 %. Three
criteria namely ‘improve groundwater and surface water quantity and quality’,
‘protect woodlands, wetlands and habitats’, and ‘balancing ecological, economic
and social interests of watershed’ were given equal importance by the survey
participants with calculated weight of 8.9 %. As expected, ‘promote recreational
activities’ was found the least important criterion of watershed management with
given weight merely 2.6 %. We must emphasize that this type of findings are new in

© The Author(s) 2015 101
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its nature as previous research was lacking of such priority weights of watershed
management criteria.

We found that different weighting methods applied to the same problem pro-
duced variety of weights attached to watershed management criteria. These different
sets of weights may have significant effects on the final results of the problem
chosen for solving any problem in the fields of watershed management and water
resource planning and management. Some weighting methods produced narrow
weights as these weighting methods were rigid in nature where respondents may not
had much flexibility to show their preferences on given watershed management
criteria. These weighting methods include point allocation and ranking methods. On
the other hand, some weighting methods produced a reasonable range of criteria
weights. These weighting methods are minimum allocation of 10 points to the least
important criterion and multiple of this to other criteria which were thought to be
more important than the criterion assigned 10 points.

We conclude that the choice of weighting method for solving a real world
watershed management problem is crucial and much attention of the researchers
and decision makers is required before proceeding with next steps in the problem
solving framework. This conclusion is based on survey findings of only 30 par-
ticipants on 18 watershed management criteria. We emphasize that these weights
are not stable and may change if number of criteria are increased or decreased from
18 watershed management criteria and if the number of participants are increased or
decreased from 30. These weights may also change if preferences on watershed
management criteria are obtained from more expert respondents compared to
postgraduate and undergraduate students which took part in our survey under the
current project.

We also conclude that the weighting method introduced in Question-2 and
Question-4 of the survey questionnaire resulted better sets of criteria weights and
should be preferred in future studies on determining stakeholders’ priorities on
watershed management criteria. However, we should emphasize that this conclu-
sion may further be verified in a larger sample size before it could be implemented
in solving a real-world problem related to watershed or water resources manage-
ment problems.

The survey data analysis for individual groups of postgraduate and undergrad-
uate students confirmed our hypothesis that the postgraduate students may have
more understanding on the watershed management criteria compared to under-
graduate students who may not have more knowledge on watershed phenomenon
even though we explained both groups on the watershed management criteria and
the purpose of survey. The postgraduate group produced a wider range of weights
on watershed management criteria compared to undergraduate students who were
found more conservative or stringent on allocating points to different criteria in the
survey. These conclusions can be confirmed from the survey results presented in
Table 3.17 given in the body of the thesis (see Chap. 3 for Table 3.17 and other
similar tables).

However, the survey data analysis found that the undergraduate group was
slightly more consistent in their survey responses with consistency level of 77.01 %
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compared to the postgraduate group consistency which was found slightly lower
(75.82 %). Average consistency in both groups’ responses was found as 76.42 %,
which was an acceptable limit. We should remind here that this type of consistency
check on survey data was part of sensitivity analysis of the survey data to confirm
how both groups were consistent in their responses in answering questions of the
survey questionnaire.

In order to see which weighting methods were very popular and which
weighting methods were not very popular and applied in limited number of studies
in solving research or real world watershed, water resource, and other multi-criteria
decision problems, we reviewed literature for weighting methods by searching three
popular databases including sciencedirect, scopus, and sciverse. Our data mining
was limited to that following keywords and search period:

1. The period was fixed from 2000 to 2012 (13 years)

2. We searched papers in journals only (excluding books, etc.)

3. We searched only four keywords (MCDM, MCDA, MCA, MADM) for search
of multi-criteria methods in combination of specific weighting methods

4. Only searched for popular weighting methods (AHP, ranking, pairwise com-
parison, trade-off, SWING, SMART, Least square method, Delphi, eigenvector)

Data mining found that the ‘ranking’ was most frequent appearing weighting
method in all three databases (sciencedirect, scopus, and sciverse). Review of
weighting methods by using only sciencedirect shows that the ‘ranking’ was most
frequently applied weighting method with total number of retrievals equal to 3,323
(last column of Table 3.21). AHP (2,060 retrievals) was second most appearing
weighting method in sciencedirect database. Pairwise comparison was the third
most appearing weighting method in the sciencedirect database. On the other hand,
‘Simos procedure’ has least retrievals (49) which shows that not many researchers
have used this weighting methods in their case studies. We believe that the least
number of retrievals for the Simos procedure are for its difficulty in operation and
administration in field where majority of stakeholders are generally not very good
in mathematics or statistics, etc. It should be noted that all three scholar databases
were searched during November month of 2012 by using online services of PSZ
library of Universiti Teknologi Malaysia.

To check which journal publishing articles on multi-criteria decision-making
methods and weighting methods, we searched all three databases. The keywords
and the weighting methods searched were kept similar (popular weighting methods
in combination of MCDM, MCDA, MCA, and MADM keywords). A total number
of 39 journals were retrieved from the sciencedirect database. Table 3.22 shows the
list of journals along with the number of retrievals and weight percentage. It can be
seen that ‘Expert Systems with Application’ and ‘European Journal of Operational
Research’ were two most frequent appearing journals with total number of retri-
evals 1,396 (20.49 % weight) and 1,191 (17.48 % weight) respectively. Appendix C
shows data mining outputs for scopus and sciverse databases for famous weighting
methods and popular journals which were publishing articles on weighting
methods.
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We also analyzed the search results for each weighting method. We found that
the application of all weighting methods have increased significantly from 2000 to
year 2012. For example, AHP weighting method has total 260 retrievals for 2012
and this figure for year 2000 was just 35 (about 8 times more application in 2012
compared to year 2000). This trend in increase application of weighting methods
since year 2000 was also observed while mining data from scopus and sciverse
databases. This clearly shows that many researchers around the world are frequently
using weighting methods and multi-criteria decision making methods in their
studies. We also predict that this trend in increase usage of multi-criteria decision
making methods and weighting methods will continue in future as even simple
decisions in water resources could be made by using some decision tools to con-
vince stakeholders that decisions are being made by following a recognized pro-
cedure. This prediction is not merely based on the findings of data mining from
three databases in this study, but this it is also based on the complications arising in
making water resource decisions when competition for getting water increasing
many-fold.

4.3 Recommendations

As mentioned in earlier sections of this chapter that data mining was performed
only for 13 years (2000-2011), this period can further be extended for at least
30 years to get more stable results on application of weighting methods and their
priority ranks. Because of the time limitation to complete this study, we only
focused on few popular weighting methods rather than searching for an exhaustive
list of methods covering all weighting methods and more and more keywords for
multi-criteria decision-making methods. We again emphasize that the current study
provides only partial guideline on how to choose weighting method; rather than
giving a complete guidance on all factors associated to the selection of weighting
methods. Therefore, we recommend few directions for future research in this field.
These recommendations are:

1. Bigger period for searching weighting methods could be selected in future
studies. We suggest that 30 years is initially a reasonable period for data mining.

2. We used only three databases which were available to us through Universiti
Teknologi Universiti library. However, in future, more databases could be used.
For example, ISI Web of Science and ISI Web of Knowledge, etc.

3. Watershed management criteria may be revisited to check whether any other
important criteria were not missing. However, we believe that 18 criteria
selected for this study are reasonably a good number to decide which watershed
needs more attention for funding or some rehabilitation or management mea-
sures and activities.

4. The number of survey sample was very less than the minimum number of
samples which may need to be considered for determining more stable weights
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of watershed management criteria. Therefore, in future studies, we recommend
that at least 200 samples may be presented the list of watershed management
criteria to get priority weights.

5. In this study, our samples were undergraduate and postgraduate students. Their
knowledge on real world problems related to watershed may not be enough to
judge anything with high certainty in this field of research. We, therefore,
suggest that future studies may ask more experienced people to participate in the
survey and show their preferences on watershed management criteria. We
believe that the priority ranks obtained for watershed management criteria from
such experienced people will be stable and will give results very close to the
reality.

6. We only applied three methods (ranking, point allocation, and ratio methods) in
this study. We recommend that future studies may review at least ten popular
weighting methods including pairwise weighting method and test their outputs
in field from a greater number of samples as it may produce a better ranking of
weighting methods. This practice will also help decision-makers to choose the
best weighting method for their decision-making process.



Appendix A

Survey raw data on postgraduate and undergraduate students’ preferences on
watershed management criteria for all five survey questions.

Postgraduate Students

(See Tables A.1, A.2, A3, A4, A5, A.6, A7, A8, A9, A.10, A.11, A.12, A.13,
A.14 and A.15).

Table A.1 Responses of postgraduate (PG) students on the presented watershed management
criteria

PG1

Criteria Ql Q2 Q3 Q4 Q5
Cl1 90 120 80 120 4
C2 80 100 70 80 12
C3 70 50 50 60 15
C4 50 50 50 50 17
C5 50 30 60 50 16
C6 50 10 50 10 18
Cc7 80 100 11
C8 90 80 13
Cc9 70 60 14
C10 90 150 6
Cl1 100 150 2
Cl12 90 150 7
Cl13 60 90 8
Cl4 60 90 9
C15 100 150 1
Cl6 80 120 10
Cl17 90 120

Ci18 70 100

© The Author(s) 2015 107
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Decision Making Model Outcomes in Water Resources Management,
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Table A.2 Responses of postgraduate (PG) students on the presented watershed management
criteria
PG2
Criteria Q1 Q2 Q3 Q4 Q5
Cl1 100 500 100 500 1
C2 95 400 95 400 2
C3 40 10 40 30 17
C4 70 120 60 70 16
C5 60 80 65 100 13
C6 50 30 50 50 14
C7 88 200 4
C8 90 280 3
C9 30 10 18
C10 85 180 7
Cl11 80 150 6
CI12 89 250 5
C13 75 100 11
Cl4 55 60 15
C15 80 200 9
C16 70 150 12
C17 88 250 10
C18 90 300 8
Table A.3 Responses of postgraduate (PG) students on the presented watershed management
criteria
PG3
Criteria Q1 Q2 Q3 Q4 Q5
Cl1 100 1980 95 1280 1
C2 80 960 98 320 5
C3 80 240 85 320 9
C4 70 960 80 80 14
C5 65 60 70 120 11
C6 10 10 10 10 18
C7 30 40 15
C8 100 640 2
C9 70 50 12
C10 90 640 7
Cl11 20 20 16
C12 90 160 6
C13 95 960 10
Cl4 70 120 13
C15 100 960 3
C16 20 20 17
C17 90 480 8
C18 100 480 4
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Table A.4 Responses of postgraduate (PG) students on the presented watershed management
criteria
PG4
Criteria Q1 Q2 Q3 Q4 Q5
Cl1 100 1280 100 100 1
C2 85 640 80 40 6
C3 50 10 65 20 17
C4 75 80 90 70 4
C5 60 40 85 30 16
C6 70 80 80 70 5
C7 90 90 2
C8 75 50 7
C9 60 10 18
C10 95 50 8
Cl11 70 60 9
CI12 93 80 3
C13 65 20 15
Cl4 60 160 14
C15 80 320 10
C16 75 320 12
Cl17 70 640 11
C18 90 160 13
Table A.5 Responses of postgraduate (PG) students on the presented watershed management
criteria
PG5
Criteria Q1 Q2 Q3 Q4 Q5
Cl1 100 250 100 250 1
C2 85 110 80 130 9
C3 30 50 60 60 14
C4 50 30 55 50 16
C5 99 210 90 220 3
C6 60 10 50 20 17
C7 95 190 2
C8 85 160 5
C9 45 10 18
C10 75 110 10
Cl11 65 70 13
C12 70 80 11
C13 80 90 12
Cl4 90 130 8
C15 97 150 4
C16 70 70 15
C17 96 170 6
C18 98 190 7
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Table A.6 Responses of postgraduate (PG) students on the presented watershed management
criteria
PG6
Criteria Q1 Q2 Q3 Q4 Q5
Cl1 100 100 100 100 1
C2 60 65 60 60 8
C3 90 90 75 75 4
C4 50 30 50 65 9
C5 70 70 70 70 5
C6 20 15 30 40 14
C7 90 95 2
C8 80 80 7
C9 0 10 18
C10 85 90 3
Cl11 10 25 10
C12 40 30 12
C13 5 25 15
Cl4 15 20 16
C15 45 50 11
C16 5 10 17
C17 55 40 13
C18 80 60 6
Table A.7 Responses of postgraduate (PG) students on the presented watershed management
criteria
PG7
Criteria Q1 Q2 Q3 Q4 Q5
Cl1 100 100 100 120 1
C2 65 80 20 10 18
C3 80 70 80 80 3
C4 75 60 55 20 17
C5 92 70 60 60 5
C6 85 75 50 30 16
C7 95 100 6
C8 75 40 15
C9 35 50 14
C10 96 90
Cl11 98 70
CI12 89 110
C13 76 80 11
Cl4 45 85 13
C15 60 88 10
C16 70 60 12
C17 90 70 4
C18 50 84 2
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Table A.8 Responses of postgraduate (PG) students on the presented watershed management

criteria

PG8

Criteria Q1 Q2 Q3 Q4 Q5
Cl1 45 30 20 10 14
C2 28 10 25 15 16
C3 80 35 40 30 6
C4 20 15 30 20 13
C5 70 70 80 70 3
C6 30 10 35 25 15
Cc7 50 40 8
C8 60 50 12
Cc9 55 45 11
C10 45 35 17
Cl1 65 55 10
CI12 100 90 2
C13 50 60 4
Cl4 35 20 7
Cl15 40 25 18
Cl6 100 90 1
C17 60 40 5
C18 65 45 9

Table A.9 Responses of postgraduate (PG) students on the presented watershed management

criteria

PG9

Criteria Q1 Q2 Q3 Q4 Q5
Cl1 80 110 100 100 1
Cc2 55 40 25 30 14
C3 50 20 10 10 17
C4 70 50 60 70 5
C5 85 80 90 100 8
C6 60 60 80 90 6
Cc7 70 80 4
C8 15 15 16
Cc9 20 20 15
C10 50 60 9
Cl1 40 50 12
CI12 30 40 13
C13 75 90 3
Cl4 45 10 18
Cl15 90 70 11
Cl6 65 30 10
Cl17 95 100 7
C18 100 120 2
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Table A.10 Responses of postgraduate (PG) students on the presented watershed management

criteria

PG10

Criteria Q1 Q2 Q3 Q4 Q5
Cl1 100 100 100 100 1
C2 40 30 65 60 16
C3 50 45 70 50 8
C4 70 70 80 70

C5 30 10 30 10 18
C6 65 60 70 65 5
Cc7 60 25 12
C8 55 30 13
Cc9 50 40 14
C10 40 20 15
Cl1 75 80 11
CI12 90 90 3
C13 80 50 7
Cl4 45 15 17
Cl15 45 20 10
Cl6 60 40 6
C17 55 50 9
C18 90 90 2

Table A.11 Responses of postgraduate (PG) students on the presented watershed management

criteria

PGl11

Criteria Q1 Q2 Q3 Q4 Q5
Cl1 100 3000 100 14400 1
C2 2 50 15 30 8
C3 12 100 5 15 14
C4 60 1000 70 3600 3
C5 20 60 10 10 16
C6 70 30 40 360 6
Cc7 60 400 4
C8 50 180 18
Cc9 35 60 15
C10 80 200 7
Cl1 85 7200 2
C12 20 90 17
C13 10 270 5
Cl4 1 90 11
Cl15 4 15 12
Cl6 0.5 10 13
C17 30 20 9
C18 15 180 10
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Table A.12 Responses of postgraduate (PG) students on the presented watershed management

criteria

PG12

Criteria Q1 Q2 Q3 Q4 Q5
Cl1 70 70 80 40 10
C2 40 20 40 20 16
C3 55 30 80 40 13
C4 80 60 85 80 8
C5 40 10 40 10 18
C6 65 40 90 90 3
Cc7 70 50 12
C8 70 50 14
Cc9 50 30 15
C10 70 50 5
Cl1 60 70 4
CI12 100 100 1
C13 85 40 9
Cl4 40 20 17
Cl15 65 50 11
Cl6 95 60 6
C17 65 50 7
C18 100 80 2

Table A.13 Responses of postgraduate (PG) students on the presented watershed management

criteria

PG13

Criteria Q1 Q2 Q3 Q4 Q5
Cl1 85 360 85 400 3
C2 70 120 75 350 5
C3 90 540 90 450 2
C4 100 720 100 500 1
C5 65 60 70 300 6
C6 80 180 65 250 4
C7 45 160 8
C8 30 40 14
Cc9 50 80 9
C10 40 20 17
Cl1 35 10 13
Ci12 60 180 7
C13 60 40 10
Cl4 20 30 18
Cl15 40 30 16
Cl6 45 20 12
C17 15 10 15
C18 50 20 11




114

Appendix A

Table A.14 Responses of postgraduate (PG) students on the presented watershed management

criteria

PG14

Criteria Q1 Q2 Q3 Q4 Q5
Cl1 80 100 90 140 7
Cc2 90 80 90 130 5
C3 50 50 40 60 11
C4 60 30 80 100 9
C5 10 10 25 20 17
C6 30 15 60 40 15
Cc7 85 110 8
C8 20 30 16
Cc9 10 10 18
C10 70 80 13
Cl1 100 150 1
CI12 95 145 2
C13 40 55 12
Cl4 75 40 10
Cl15 95 90 4
Cl6 35 20 14
C17 100 110 3
C18 80 100 6

Table A.15 Responses of postgraduate (PG) students on the presented watershed management

criteria

PG15

Criteria Q1 Q2 Q3 Q4 Q5
Cl1 100 200 100 200 1
Cc2 90 190 95 190 6
C3 70 40 70 90 11
C4 95 190 95 190 2
C5 85 170 60 25 8
C6 75 170 90 180 5
C7 80 150 7
C8 70 30 9
Cc9 5 10 18
C10 20 20 16
Cl1 70 70 12
Ci12 75 75 14
C13 90 180 10
Cl4 50 20 17
Cl15 80 50 13
Cl16 95 190 4
C17 40 10 15
C18 95 180 3
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Undergraduate Students

(See Tables A.16, A.17, A.18, A.19, A.20, A.21, A.22, A.23, A.24, A.25, A.26,
A.27, A.28, A.29 and A.30).

Table A.16 Responses of undergraduate (UG) students on the presented watershed management
criteria

UGl

Criteria Ql Q2 Q3 Q4 Q5
C-1 100 200 100 200 1
c2 70 80 53 10 15
c3 79 120 68 50 11
Cc4 78 111 64 16 13
c-5 72 90 70 32 12
C-6 77 110 63 15 14
c7 99 180 3
C-8 98 160 4
C-9 73 78 10
C-10 84 90 8
C-11 92 120 5
C-12 80 81 9
C-13 84 150 6
C-14 82 145 7
C-15 65 20 16
C-16 59 10 18
C-17 63 15 17
C-18 08 180 2
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Table A.17 Responses of undergraduate (UG) students on the presented watershed management

criteria

UG2

Criteria Q1 Q2 Q3 Q4 Q5
C-1 99 170 91 150 10
C-2 97 160 90 160 7
C-3 10 10 10 10 18
C-4 30 50 30 20 16
C-5 20 40 93 100 13
C-6 35 60 40 30 17
C-7 50 50 14
C-8 97 170 5
C-9 80 20 15
C-10 98 180 8
C-11 99 190 2
C-12 100 200 1
C-13 84 100 12
C-14 83 120 11
C-15 100 200 3
C-16 95 180 6
C-17 90 190 4
C-18 85 150 9

Table A.18 Responses of undergraduate (UG) students on the presented watershed management

criteria

UG3

Criteria Q1 Q2 Q3 Q4 Q5
C-1 95 110 95 140 3
C-2 50 60 40 60 11
C-3 30 40 20 40 16
C-4 20 20 10 20 17
C-5 0 30 30 30 15
C-6 10 10 0 10 18
C-7 100 150 1
C-8 70 70 12
C9 60 65 14
C-10 90 100 8
C-11 80 130 7
C-12 50 95 9
C-13 70 80 6
C-14 60 70 10
C-15 90 100 4
C-16 40 50 13
C-17 80 90 5
C-18 100 120 2
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Table A.19 Responses of undergraduate (UG) students on the presented watershed management

criteria

UG4

Criteria Q1 Q2 Q3 Q4 Q5
C-1 75 120 90 120 4
C-2 70 110 80 110 5
C-3 40 40 25 20 17
C-4 45 60 45 40 15
C-5 30 20 30 60 16
C-6 55 50 35 50 13
C-7 40 30 14
C-8 50 70 11

C-9 20 10 18

C-10 60 90 7

C-11 70 100 12
C-12 100 150 2
C-13 80 130 3

C-14 20 10 10
C-15 90 110 8

C-16 50 80 9
C-17 60 100 6
C-18 100 150 1

Table A.20 Responses of undergraduate (UG) students on the presented watershed management

criteria

UG5

Criteria Q1 Q2 Q3 Q4 Q5
C-1 78 95 78 90 8
C-2 95 140 85 120

C-3 70 70 65 50 15
C-4 68 40 70 70 16
C-5 90 100 80 100 5
C-6 60 10 60 60 17
C-7 72 80 12
C-8 88 160 3
C9 50 10 18
C-10 75 95 11
C-11 95 140 6
C-12 100 180 1
C-13 85 120 7
C-14 88 90 9
C-15 100 150 2
C-16 75 65 13
C-17 80 80 14
C-18 72 85 10
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Table A.21 Responses of undergraduate (UG) students on the presented watershed management

criteria

UG6

Criteria Q1 Q2 Q3 Q4 Q5
C-1 65 70 100 120 1

C-2 95 80 75 80 9
C-3 10 20 20 20 17
C-4 75 100 85 110 4
C-5 45 65 50 30 15

C-6 40 30 30 50 13
C-7 40 40 14
C-8 65 70 10
C-9 10 10 18

C-10 55 60 12
C-11 95 100 7

C-12 90 90 5

C-13 55 95 8

C-14 20 10 16
C-15 100 110 2
C-16 30 40 11

C-17 85 120 6
C-18 50 60 3

Table A.22 Responses of undergraduate (UG) students on the presented watershed management

criteria

UG7

Criteria Q1 Q2 Q3 Q4 Q5
C-1 100 150 65 80 3
C-2 73 60 50 50 11
C-3 20 10 10 15 17
C-4 80 80 55 55 6
C-5 95 100 75 90 4
C-6 55 20 30 30 16
C-7 70 60 5
C-8 100 150

C9 0 10 18
C-10 80 100 2
C-11 45 40 9
C-12 60 70 10
C-13 85 70 8
C-14 60 35 15
C-15 75 50 7
C-16 65 40 14
C-17 70 45 12
C-18 50 30 13
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Table A.23 Responses of undergraduate (UG) students on the presented watershed management

criteria
UGS
Criteria Q1 Q2 Q3 Q4 Q5
C-1 100 150 100 150 1
C-2 30 10 20 30 17
C-3 60 60 60 80
C-4 50 50 50 90
C-5 40 30 40 20 16
C-6 69 70 70 100 11
C-7 80 50 14
C-8 30 70 9
C-9 0 10 18
C-10 15 40 10
C-11 66 60 13
C-12 90 140 2
C-13 89 80 6
C-14 20 20 12
C-15 90 90 4
C-16 66 40 15
C-17 70 100
C-18 99 140

Table A.24 Responses of undergraduate (UG) students on the presented watershed management

criteria

UG9

Criteria Q1 Q2 Q3 Q4 Q5
C-1 100 130 90 200 1
C-2 80 60 80 120 3
C-3 65 120 10 30 16
C-4 85 90 60 20 12
C-5 60 150 85 100 5
C-6 75 80 55 40 11
C-7 30 50 10
C-8 70 140 6
C9 5 10 18
C-10 65 60 9
C-11 75 150 4
C-12 100 180 2
C-13 70 30 15
C-14 55 70 13
C-15 50 110

C-16 90 20

C-17 10 40 17
C-18 20 10 14
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Table A.25 Responses of undergraduate (UG) students on the presented watershed management

criteria

UGI10

Criteria Q1 Q2 Q3 Q4 Q5
C-1 99 300 89 60 10
C-2 78 50 85 40 12
C-3 85 100 90 70 11
C-4 75 30 79 30 15
C-5 77 60 80 50 13
C-6 74 20 78 20 16
C-7 100 500 2
C-8 99 400 3
C-9 50 10 18
C-10 98 300 4
C-11 97 200 5
C-12 96 100 7
C-13 79 70 9
C-14 90 200 6
C-15 100 500 1
C-16 76 40 14
C-17 50 10 17
C-18 80 80 8

Table A.26 Responses of undergraduate (UG) students on the presented watershed management

criteria

UGI11

Criteria Q1 Q2 Q3 Q4 Q5
C-1 85 160 90 170 6
C-2 90 170 87 150 7
C-3 30 10 20 10 18
C-4 70 100 60 80 11
C-5 50 30 40 50 16
C-6 65 70 52 100 12
C-7 70 30 15
C-8 100 200 1
C9 30 20 17
C-10 80 130

C-11 95 190

C-12 65 90

C-13 75 90 10
C-14 60 40 14
C-15 95 200 3
C-16 40 50 13
C-17 100 250 4
C-18 80 140 9
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Table A.27 Responses of undergraduate (UG) students on the presented watershed management
criteria

UG12
Criteria Ql Q Q3 Q4 Q5
C-1 100 300 100 300 1
c2 50 140 50 130 13
c3 40 110 40 110 14
Cc4 10 50 20 50 16
C-5 30 80 30 80 15
c6 20 30 10 30 17
c-7 70 200 8
C-8 60 170

Cc9 0 10 18
C-10 80 230 10
C-11 90 250 12
C-12 95 270 3
C-13 90 170 6
C-14 0 10 17
C-15 60 200 7
C-16 80 250 5
C-17 70 230 4
c-18 95 280 2

Table A.28 Responses of undergraduate (UG) students on the presented watershed management
criteria

UG13
Criteria Ql Q Q3 Q4 Qs
C-1 100 150 97 120 2
c2 80 75 80 65 13
c3 55 30 60 60 15
Cc4 75 70 85 85 11
C-5 50 20 70 30 16
c6 70 80 75 70 10
c-7 88 90 9
C-8 95 80 12
Cc9 20 10 18
C-10 90 100 6
C-11 99 140 4
C-12 100 150 1
C-13 65 85 8
C-14 49 10 17
C-15 97 120

C-16 99 140

C-17 90 90 14
C-18 92 100 7
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Table A.29 Responses of undergraduate (UG) students on the presented watershed management

criteria

UuGl4

Criteria Q1 Q2 Q3 Q4 Q5
C-1 100 100 80 50 3
C-2 59 25 75 30 11
C-3 65 28 70 20 12
C-4 58 15 60 11 15
C-5 70 18 68 13 14
C-6 60 12 55 12 16
C-7 88 80 6
C-8 90 70 8
C-9 50 10 18
C-10 78 120 9
C-11 99 150 5
C-12 100 200 1
C-13 85 80 2
C-14 61 10 17
C-15 90 85 10
C-16 62 30 13
C-17 63 60 4
C-18 64 50 7

Table A.30 Responses of undergraduate (UG) students on the presented watershed management

criteria

UGI5

Criteria Q1 Q2 Q3 Q4 Q5
C-1 100 250 90 100 1
C-2 70 150 85 60 6
C-3 50 10 70 40 17
C-4 60 60 60 20 15
C-5 80 40 65 80 10
C-6 45 30 55 110 11
C-7 50 50 14
C-8 100 150 2
C9 40 10 18
C-10 45 70 7
C-11 75 30 13
C-12 80 90 3
C-13 85 140 4
C-14 50 70 8
C-15 75 80 9
C-16 40 50 16
C-17 55 100 12
C-18 80 200 5
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Survey raw data for postgraduate and undergraduate students’ preferences on all
watershed management criteria for all five questions separately.

Postgraduate Students

(See Tables B.1, B.2, B.3, B.4 and B.5).

Undergraduate Students

(See Tables B.6, B.7, B.8, B.9 and B.10).

© The Author(s) 2015 123
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Appendix C

Number of retrievals for each weighting method in combination of MCDM,
MCDA, MCA, and MADM keywords for scopus and sciverse databases.

Scopus Database

(See Tables C.1, C.2 and Figs. C.1, C.2, C.3 C4, C.5, C.6, C.7, C8, C.9, C.10,
C.11, C.12, C.13, C.14, C.15, C.16, C.17 and C.18).

© The Author(s) 2015 135
N.H. Zardari et al., Weighting Methods and their Effects on Multi-Criteria

Decision Making Model Outcomes in Water Resources Management,

SpringerBriefs in Water Science and Technology, DOI 10.1007/978-3-319-12586-2
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Table C.2 Journal versus number of search retrievals (scopus database only)
Rank Journal Total retrievals Weight
order (period 2000-2012) (%)
1 Expert Systems with Applications 488 21.7
2 European Journal of Operational Research 314 14.0
3 International Journal of Information 95 4.2
Technology and Decision Making
4 Information Sciences 90 4.0
5 Omega 85 3.8
6 International Journal of Production 80 3.6
Research
7 Materials and Design 72 32
8 Technological and Economic Development 68 3.0
of Economy
9 International Journal of Advanced 65 29
Manufacturing Technology
10 Journal of the Operational Research Society 64 29
11 Journal of Environmental Management 60 2.7
12 Applied Soft Computing Journal 57 2.5
13 Applied Mathematical Modelling 50 2.2
14 Computers and Industrial Engineering 47 2.1
15 Mathematical and Computer Modelling 47 2.1
16 Annals of Operations Research 43 1.9
17 Decision Support Systems 41 1.8
18 Computers and Operations Research 39 1.7
19 International Journal of Computational 39 1.7
Intelligence Systems
20 International Journal of Production 39 1.7
Economics
21 European Journal of Scientific Research 38 1.7
22 Knowledge Based Systems 37 1.6
23 Pesquisa Operacional 36 1.6
24 Energy Policy 34 1.5
25 Ecological Economics 33 1.5
26 Australian Journal of Basic and Applied 30 1.3
Sciences
27 Kongzhi Yu Juece Control and Decision 28 1.2
28 International Journal of Services 27 1.2
and Operations Management
29 Water Resources Management 27 1.2
30 Automation in Construction 24 1.1
31 Fuzzy Sets and Systems 24 1.1
32 Studies in Fuzziness and Soft Computing 23 1.0
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“Ranking” (scopus database only)
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Fig. C.3 Number of keywords (MCDM, MCDA, MCA, MADM) retrievals in combination of
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Fig. C.6 Number of keywords (MCDM, MCDA, MCA, MADM) retrievals in combination of
“SWING” (scopus database only)
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Fig. C.7 Number of keywords (MCDM, MCDA, MCA, MADM) retrievals in combination of
“Least square method” (scopus database only)
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“Delphi method” (scopus database only)
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Fig. C.9 Number of keywords (MCDM, MCDA, MCA, MADM) retrievals in combination of
“Eigenvector method” (scopus database only)
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Sciverse Database

Appendix C

(See Tables C.3, C.4 and Figs. C.19, C.20, C.21, C.22, C.23, C.24, C.25, C.26,
C.27, C.28, C.29, C.30, C.31, C.32, C.33, C.34, C.35, and C.36).

Table C.3 Weighting methods and number of retrievals for all keywords (MCDM, MCDA,

MCA, MADM) [sciverse database only]

Rank order (based Weighting Number of retrievals for specific weight- Column
on last column Method ing method and keyword [searching Sum
values) period = 13 years (2000-2012)]
& & & &
MCDM |MCDA |MCA |MADM
1 Ranking 1758 766 634 548 3706
2 AHP 1331 407 164 388 2290
3 TOPSIS 738 128 18 372 1256
4 Trade-off 492 250 381 97 1220
5 Pairwise 569 201 133 135 1038
Comparison
6 SMART 266 131 474 79 950
7 SWING 58 68 169 13 308
8 Delphi 133 32 26 44 235
Method
9 Eigenvector 100 24 9 38 171
Method
10 Entropy 76 9 14 48 147
Method
11 Least 32 3 29 13 77
Square
Method
12 Simos 24 20 4 12 60
Procedure
Row sum 5577 2039 2055 1787 11458
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Table C.4 Journal versus number of search retrievals (sciverse database only)
Rank | Journal Total retrievals Weight
order (period (%)
2000-2012)
1 Expert Systems with Applications 1396 20.49
2 European Journal of Operational Research 1191 17.48
3 Mathematical and Computer Modelling 319 4.68
4 Omega 266 3.90
5 Journal of Environmental Radioactivity 261 3.83
6 Applied Soft Computing 250 3.67
7 Information Sciences 242 3.55
8 Computers and Operations Research 235 3.45
9 Decision Support Systems 234 3.44
10 Energy Policy 223 3.27
11 International Journal of Production Economics 187 2.75
12 Computers and Industrial Engineering 179 2.63
13 Ecological Economics 171 2.51
14 Knowledge-Based Systems 166 2.44
15 Applied Mathematical Modelling 163 2.39
16 Materials and Design 160 2.35
17 Environmental Modelling and Software 131 1.92
18 Journal of Cleaner Production 88 1.29
19 Fuzzy Sets and Systems 87 1.28
20 Renewable and Sustainable Energy Reviews 82 1.20
21 Science of The Total Environment 79 1.16
22 Automation in Construction 69 1.01
23 Applied Mathematics and Computation 61 0.90
24 Fuel and Energy Abstracts 58 0.85
25 Energy 57 0.84
26 Land Use Policy 55 0.81
27 Nuclear Instruments and Methods in Physics 55 0.81
Research
28 Waste Management 48 0.70
29 Forest Ecology and Management 44 0.65
30 Ecological Indicators 37 0.54
31 Environmental Impact Assessment Review 35 0.51
32 Brain Research 33 0.48
33 Computer Communications 33 0.48
34 Procedia—Social and Behavioral Sciences 30 0.44
35 International Journal of Project Management 29 0.43
36 Value in Health 27 0.40
37 Building and Environment 15 0.22
38 Biological Conservation 12 0.18
39 Ecological Modelling 4 0.06




—_
N
e}

Appendix C
350
300 -
250 -
200 H
150 4
100 A

50 A

Number of keywords retrievals for 'AHP'

———

2010 2009 2008 2007 2006 2005 2004 2003 2002 2001 2000

Year of Publication

2012 2011

| mmm MCA =% MCDM 4 MCDA e MADM
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Fig. C.20 Number of keywords (MCDM, MCDA, MCA, MADM) retrievals in combination of
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Fig. C.22 Number of keywords (MCDM, MCDA, MCA, MADM) retrievals in combination of
“Trade-off” (sciverse database only)



150 Appendix C

Number of search retrivals

2012 2011 2010 2009 2008 2007 2006 2005 2004 2003 2002 2001 2000
Year of Publication

s MCA MCDM  e=i==MCDA emssMADM
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“SMART?” (sciverse database only)
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Fig. C.25 Number of keywords (MCDM, MCDA, MCA, MADM) retrievals in combination of
“Least square method” (sciverse database only)
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Fig. C.26 Number of keywords (MCDM, MCDA, MCA, MADM) retrievals in combination of
“Delphi method” (sciverse database only)
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Fig. C.27 Number of keywords (MCDM, MCDA, MCA, MADM) retrievals in combination of
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Fig. C.28 Cumulative plot of keywords (MCDM, MCDA, MCA, MADM) in combination with
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Fig. C.29 Cumulative plot of keywords (MCDM, MCDA, MCA, MADM) in combination with
“Ranking” keyword (sciverse database only)
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Fig. C.30 Cumulative plot of keywords (MCDM, MCDA, MCA, MADM) in combination with
“Pairwise comparison” keyword (sciverse database only)



154 Appendix C
2 600 -
St
S
2= 500 -
= 400 -
5=
R0 m
s S 300
e
S8 200 -
Z 2
=
=2 ]
=% 100
= o
&)

2000 2001 2002 2003 2004 2005 2006 2007 2008 2009 2010 2011 2012
Year of Publication

=@=MCDM ~#~MCDA =>=MCA -MADM

Fig. C.31 Cumulative plot of keywords (MCDM, MCDA, MCA, MADM) in combination with
“Trade-oft” keyword (sciverse database only)
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Fig. C.32 Cumulative plot of keywords (MCDM, MCDA, MCA, MADM) in combination with
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